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Abstract

Single-segment (focused) firms have a natural disadvantage compared to multi-
segment (diversified) with respect to voluntary disclosure policy. Since aggregate
disclosures by focused firms are at a finer level of detail than those of diversified
firms, the latter have greater ability to react to focused firm information and there-
fore have a competitive advantage. I provide evidence that focused firms are less
likely to provide earnings forecasts even after controlling for typical determinants of
forecast issuance including various controls for proprietary costs. This result is the
first to show that corporate form is an additional determinant of voluntary disclo-
sure. Additionally, I provide support for the hypothesis that proprietary costs are
negatively associated with voluntary disclosure. Tests showing that disclosure rank-
ing is not related to excess value are inconsistent with the alternative explanation
that diversified firms reap greater benefits of disclosure. However, tests considering
the potential obfuscation of disclosure by focused firms using additional measures of

voluntary disclosures (forecast lead time, specificity, and error) are inconclusive.
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1. Introduction

When a multi-segment (“diversified”) firm discloses information to the public at
the aggregate level it is, by definition, disclosing less fine information than a single-
segment (“focused”) firm. For example, Microsoft reported five husiness segments
(plus one Eliminations segment) in its 2008 10-I filing with aggregate sales of $60.4
billion. Google reported just one business segment with total sales of $21.8 billion on
its 2008 10-I. Of Microsoft’s five segments, four of them operate in the same three-
digit Standard Industrial Company (SIC) code (737) as Google’s single segment. If
Microsoft voluntarily discloses a forecast of an aggregate performance measure such
as earnings per share, its competitors would have to make assumptions as to how
those ecarnings are allocated by segment. On the other hand, if Google voluntarily
discloses such a measure, its competitors are able to assign the forecasted performance
with more precision and adjust their competitive structure accordingly. The example
points to a potentially lower cost of disclosure for Microsoft due to its diversified
status. This study addresses the more general question of whether differences in
voluntary disclosure between diversified and focused firms are related to proprietary
costs after controlling for other determinants of voluntary disclosure.

Much of the voluntary disclosure literature stems from the full disclosure theories
of Milgrom {1981) and Grossman and Hart (1980). These models are based on the
premise that sellers with private information who choose not to disclose will receive
a discounted price, as buyers treat withheld information as less favorable. In this
scenario, it is in the seller’s best interest to reveal all private information in order
to get the best price. Diamond and Verrecchia (1991), Barry and Brown (1985),

and Merton (1987) extend this idea to the context of disclosure by showing that a



commitment to higher levels of disclosure provides a benefit of a lower cost of capital
by decreasing information asymmetry, reducing estimation risk, or increasing investor
following, respectively.!

Verrecchia (1983) develops a model in which concerns of revealing proprietary
information rationally limit voluntary disclosure despite its apparent benefit. In his
model, withheld information cannot be treated unequivocally as less favorable due
to management’s tradeoff between the benefit of a lower cost of capital and the cost
of higher competitive pressure. Unlike in the full disclosure models, traders must
consider proprietary costs as a reason for withholding the information. Thus, they
cannot discount firm value until full disclosure is optimum. Instead, a threshold level
of disclosure is obtained. A firm with higher proprietary costs will enjoy a lower
discount from withholding information. Extending this argument to diversification,
if focused firms have higher proprietary costs as indicated in the Microsoft/Google
example above, traders will react less negatively to withheld information from focused
firms than from diversified firms, all else equal. KKnowing that they will not be dis-
counted as severely for withholding information, focused firms have more discretion
to limit their disclosures.

I test whether focused firms adhere to a voluntary disclosure policy that is con-
sistent with higher proprietary costs of disclosure than for diversified firms. First, I
study the determinants of the firm’s decision to issue a forecast with a focus on how
corporate form affects this decision. Specifically, I answer the question: Are focused
firms less likely to issue a guidance forecast? Although many of the aforementioned
theoretical arguments and tests could be applied in the context of mandatory disclo-

sures, I focus on voluntary disclosures because they offer a clear opportunity for a

1Surveys by Heuly and Palepu (2001) [empirical] and Verrecchia (2001) [analytical] provide a
thorough background of the literature with further discussion of topics too vast to cover in detail
here. Also, reviews of those surveys by Core (2001) and Dye (2001), respectively, offer useful
counterpoints.



firm to either reveal or withhold private information. According to Baginski, Conrad,
and Hassell (1993), using management forecasts “has the distinct advantage that the
level of forecast precision is not directly regulated” which provides managers with
some discretion on how they disclose their information.

Using the FirstCall Historical Database of Company Issued Guidance and neces-
sary Compustat data for fiscal years 1994 2008, I show that focused firms are less
likely than diversified firms to issue an earnings forecast, which is consistent with
higher proprietary costs of disclosure for focused firms than for diversified firms. This
result is contrary to research providing support for a negative association between
corporate diversification and disclosure, such as Bens and Monahan (2004). Further-
more, the result presented here is the first to the author’s knowledge to be derived
using FirstCall voluntary disclosure measures and diversification status.> On average
over the sample period, greater than 30% of diversified firms issue a forecast in a fiscal
year while less than 22% of focused firms do so. After controlling for other factors
known to affect voluntary disclosure (e.g., growth opportunities, fear of litigation,
earnings volatility, and recent performance), I find that diversified firms are still more
likely to issue a forecast than a focused firm.

Most studies of voluntary disclosures simply use a proxy for proprietary costs to
control for its effects, but the intuitive link between proprietary costs and diversifi-
cation provides another test mechanism. I consider numerous proxies for proprietary
costs, such as the Herfindahl Index, market-to-book ratio, the speed of adjustment to
abnormal profit, and research and development expenses, to compare my results with
those of extant literature. Additionally, I construct two measures of proprietary costs

using the distribution of sales across business segments of the firm: weighted-average

2In analyzing R&D voluntary disclosures, Jones (2007) shows that the number of segments is not
significantly related to disclosure. Hope and Thomas (2008) show that the number of line-of-business
segments does not have explanatory power using measures of voluntary geographic disclosures as
dependent variables.



Herfindahl Index and weighted-average market share. Since diversified firms are com-
posed of pieces of different industries with different proprietary costs, these measures
are likely to be better indicators of the exposure that a firm has to competitive pres-
sures. Including proprietary cost measures with proxies for firm diversification status
provides additional understanding of the relationships between voluntary disclosure
and corporate form.

Despite using various proxies for proprietary costs, the results consistently show
that focused firms are less likely to issue guidance. The results also show that higher
proprietary costs are associated with a lower likelihood of providing guidance. In-
terestingly, most of the measures of proprietary costs are not highly correlated, and
in one case, even when a variable is just the segment sales-weighted average of an-
other. More importantly, the inclusion of typical measures of proprietary costs do not
subsume the positive relationship between diversification and voluntary disclosure.

Since voluntary disclosure is argued to lower information asymmetry, I also use
the diversification discount valuation framework to study whether firms that disclose
have higher values than those that do not. If diversified firms have higher information
asymmetry due to their more opaque form and voluntary disclosure lowers it, diversi-
fied firms may have a greater incentive to disclose if they can reap greater gains from
the disclosure. In addition to using control variables for information asymmetry in
earlier tests to control for such effects, I run additional tests to see if the valuation
impact of disclosure is consistent with the information asymmetry argument.

To test the valuation effects of disclosure, I study its relationship to excess value,
which is the relative value of a diversified firm to its imputed value using data from
focused competitors. Bens and Monahan (2004) lend some credence to the existence of
a relationship between corporate form and disclosure by showing that diversified firms
score lower than focused firms in the AIMR (Association for Investment Management

and Research) disclosure rankings, and their lower ranking is associated with a lower



value for diversified firms relative to focused firms. My data allow me to update
Bens and Monahan’s work with more recent data, new empirical methods, and with
actual disclosures rather than outsider rankings of disclosure. Tests using forecast
lead time, specificity, and absolute forecast error show that increased disclosure is
associated with higher excess value, but only the number of forecasts provided in a
fiscal year is significant when interacted with diversification status. Moreover, results
for forecast error (absolute value and level) support a negative relationship between
disclosure and excess value for diversified firms. Overall, the evidence for particular
valuation effects of disclosure for diversified firms is only weakly supported in my
tests.”

My primary tests are subject to a few econometric concerns that I address us-
ing various methods. First, instead of using the entire Compustat database as the
base sample from which to find nonforecasting matches for the FirstCall sample, I
implement coarsened exact matching. Following Coller and Yohn (1997), I match
firms based on market value of equity, two-digit SIC code, fiscal year, and primary
exchange. Results using this adapted sample fully support the finding that diversified
firms are more likely to issue a forecast.

Another econometric concern is the endogeneity that has been shown in the de-
cision to diversify. Campa and Kedia (2002) and Villalonga (2004) show that the
decision to diversify is endogenous, and this endogeneity can drastically change re-
sults using measures of corporate form. To ameliorate these concerns I use a two-stage
framework that invokes instruments for diversification in the first stage and then uses

a predicted value for diversification status in the second stage. The result that a more

3This result is further complicated by the interpretation of forecast error as a measure of dis-
closure. The primary issue is that it is an ex-post mecasure of how accurate management was in
predicting actual earnings. Increasing the time between forecast and actual earnings (forecast lead
time, which is itself a measure of disclosure) increases the likelihood that confounding factors effect
forecast accuracy.



diversified firm is more likely to provide guidance continues to hold in most of the
models used.

Two substantial regulatory changes affect my study. First, the regulatory change
from Financial Accounting Standards Board (1976) (hereafter SFAS No. 14) to Fi-
nancial Accounting Standards Board (1997) (hereafter SFAS No. 131) had the stated
intention to increase the transparency of diversified firms. Berger and Hann (2003,
2007) and Botosan and Stanford (2005) study mandatory disclosure differences be-
tween diversified and focused firms surrounding this rule change. Berger and Hann
(2007) report that diversified firms hid segments in ways consistent with agency cost
explanations, but Botosan and Stanford (2005) find that proprietary cost measures
were more prominent in the event. I incorporate this rule change into my analysis
by making necessary adjustments to the segment data to allow for comparison before
and after the rule.

Second, in late 2000 upon the adoption of Regulation Fair Disclosure (Securities
and Exchange Commission (2000); hereafter Reg FD), management was prohibited
from selectively providing material information to outsiders witliout releasing the
information to the public. Reg FD was accompanied by marked changes in forecasts
provided to the public as shown in Ajinkya, Bhojraj, and Sengupta (2005). To study
the effects of Reg FD I include an indicator variable to study the time period before
and after the rule was adopted separately. These results show a strong positive
relationship between the adoption of RegFD and voluntary disclosure. The previous
result of a greater propensity to disclose for diversified firms is present, but no longer
significant. A differential effect for diversified firms after RegFD is not evident, though
there is weak evidence of a positive relationship.

After analyzing the propensity to issue a forecast, I turn my attention to the tim-
ing and content of the forecasts. If focused firms have higher proprietary costs of

disclosure, they may obfuscate their forecasts by delaying them, by providing lower



forecast specificity, or by providing less accurate forecasts. Conditional on issuing a
forecast, I test whether focused firms, relative to diversified firms, provide forecasts
with less lead time, with less specificity, or with greater error from actual earnings
when announced. Results for forecast lead time, specificity, and error do not sup-
port the proprietary cost hypotheses associated with diversification, though there are
indications of support in summary statistics. The lack of supporting results after
conditioning on a forecast is not surprising given the induced endogeneity of the tests
and additional econometric issues, such as simultaneity of forecast characteristic de-
termination. A more rigorous study of forecast characteristics and their association
with diversification is left for future research.

The remainder of the paper proceeds as follows. Section 2 reviews relevant liter-
ature on voluntary disclosure and corporate form and provides further rationale for
my study. Section 3 continues with a description of the data used in my empirical
analysis. [ present the tests and results showing differences in management guid-
ance between diversified and focused firms in Section 4, and I address some empirical

issues. Section 5 concludes.



2. Literature Review and Motivation

In the following section I motivate tests of voluntary disclosure differences between
single-segment (focused) firms and multi-segment (diversified) firms. Disclosure pro-
vides management with the means to reveal their private information if they so choose.
In the context of takeover bids, Grossman and Hart (1980) show that a seller with
private information about the quality of the item will reveal his information in equi-
librium, resulting in full disclosure. Similar analytical results can be found in Milgrom
(1981).

This section details how proprietary costs associated with voluntary disclosure
may inhibit full disclosure, and how such costs have been shown to limit disclosure.
With the support of the literature in conglomerate diversification and voluntary dis-
closure, I argue that focused firms have a higher proprietary cost of disclosure and
therefore disclose less than diversified firms. Also, I consider potential alternatives to

the proprietary cost hypotheses.

2.1. Proprietary Cost Hypothesis

Early explanations for non-disclosure hinge on the assumption in the full disclosure
models that the information could be conveyed with little or no cost. Later models
show that the benefits of lowering information asymmetry and potentially lowering
the cost of capital via disclosure could be offset by costs of the disclosure. In the
informational setting where a value maximizing manager with private information
chooses whether to reveal his information, models by Verrecchia (1983) and Bhat-

tacharya and Ritter (1983) yield the full disclosure result for low-cost information,



but their models provide for a threshold level of disclosure when such information
production is costly.?

Verrecchia (1983) pinpoints proprietary costs as a mechanism to model the trade-
offs of disclosure. In his model, firms choose to disclose information based on an
expected reaction by traders to the disclosure or non-disclosure. If the expected
detriment is greater than the benefits, the disclosure should not rationally occur. His
model predicts a negative association between product market competition and dis-
closure. In the presence of proprietary costs, traders are unable to assess whether
the lack of disclosure is good news or bad news, and the full disclosure premise is
no longer valid. Other analytical studies addressing proprietary costs make it clear
that the type of competition could be an important factor. For example, Darrough
and Stoughton (1990) study a potential entrant as the form of competition, and their
model predicts that this sort of competition encourages disclosure, therefore predict-
ing a positive association between threat of entry and disclosure.®

While there is a substantial analytical literature studying the importance of the
proprietary costs of disclosure, empirical evidence is limited. In a review of the
empirical disclosure literature, Healy and Palepu (2001) state that “there is little
direct evidence on the proprietary cost hypothesis.” Verrecchia (1983) predicts that
disclosure and proprietary costs should have a negative relationship, and there seems

to be some support for this prediction. Bamber and Cheon (1998) find that higher

‘Diamond (1985) provides an explanation for investor demand of such information. A basic
premise of much of accounting literature and of the full disclosure literature in particular is that
managers possess private information and investors know this fact. In practice, this assumption
seems believable, although surely there are cases in which managenient knows little or no information.
Myers and Majluf (1984) offers a well known example of a financial model assuming that agents have
superior information. On the other hand, Axclson (2007) develops a security design model in which
bidders have superior information to management.

SDye (2001) demonstrates how a market characterized by perfect competition can also lead to a
partial disclosure result. He also states that perfect competition is not necessary to increase efficiency
if disclosures help to improve pricing that improves capital allocation. He dubs this the “feedback”
effect of disclosure.
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product market competition is related to a lower probability of a firm offering a
forecast in a venue with more “visibility.” This negative relationship extends to the
specificity of the forecast. Moreover, Brockman, Khurana, and Martin (2008) report
a negative relationship between a measure of how far management’s forecast missed
actual earnings-per-share and market-to-book (MB), with MB being their proxy for
proprietary costs (as is also the case in Bamber and Cheon (1998)).

Focused firms that voluntarily disclose private information are revealing a finer
level of detail than diversified firms that reveal aggregate information. For example,
providing a forecast of earnings per share for a focused firm will allow competitors
to assess how that particular business is performing and make adjustments to in-
vestment accordingly. Diversified firms, on the other hand, can provide an carnings
forecast for the consolidated firm without revealing how individual components of
the business are performing. Of course, competitors of diversified firms will be able
to use historical or contemporaneous information about the segments of the firm to
apportion aggregate earnings. However, such apportionment is at best equal to the
apportionment possible with a focused firm. To the extent that competitors are suc-
cessful in apportioning such information, proprietary cost effects will be diminished.®
The potential informational advantage for the diversified firm could raise the costs of
disclosure for a focused firm and motivate the focused firm to refrain from providing

guidance, which is formalized in the following hypothesis in alternate form:
Hypothesis 1. Focused firms are less likely to provide an earnings forecast.

Hypotheses 1 considers the relationship between diversification and voluntary dis-

closure, but an explicit treatment of the competitive environment will provide further

6Hutton, Miller, and Skinner (2003) show that firms provide supplementary statements concur-
rently with earnings forecasts approximately two-thirds of the time in their sample; the distribution
of statements is ahinost equal between “good” and “bad” news; and the market only reacts to “good”
news forecasts when acconipanied by supporting verifiable statements. These results are based on
aggregate statements only and do not incorporate the intricacies of diversified versus focused disclo-
sure.
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understanding. If the explanatory variable that measures corporate diversification is
simply a noisy proxy for proprietary costs of disclosure in tests of voluntary disclosure
propensity, the inclusion of variables that are more direct proxies for proprietary costs
should decrease the explanatory power of the diversification variable. However, the
diversification variable should still capture proprietary cost differences that are not
captured in standard measures. Specifically, diversified firms should be more likely

to disclose.

2.2. Evidence from Mandatory Disclosures

Public firms have been required to disclose certain segment information since the
passage of SFAS No. 14 with a considerable update to the rule adopted in 1996 as
SFAS No. 131. The latter rule explicitly addresses competitive harm that may result
from the increase in fling requirements for firms with multiple segments. Most of
the arguments taken from comments to FASB on the implementation of the rule are
concerned with the competitive harm to public diversified companies that are required
to provide segment-level information versus private firms that do not have to disclose
such information. The Board includes some provisions intended to ameliorate the
competitive harm between public and private diversified firms, but nothing directly
addresses the competitive harm to focused firms that must disclose more than is
required of segments of diversified firms that I hypothesize. In fact, SFAS No. 131
paragraph 111 provides an indication that the competitive pressures faced by segments

of diversified firms and focused firms may be equal:

The Board concluded that it was not necessary to provide an exemption for
single-product or single-service segments because enterprises that produce
a single product or service that are required to issue general purpose
financial statements have that same exposure to competitive harm.
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The evidence on the proprietary costs of mandatory disclosure and diversification
is not as limited as the voluntary disclosure side due in part to the rule change men-
tioned in the paragraph above. SIFAS No. 131 has the stated intention to increase
transparency by changing the reporting basis from one of industry allocation of seg-
ments to one of operating segments, among other changes. Berger and Hann (2003)
provide evidence supporting an increase in transparency due to the rule change: the
number of reported segments increased and the newly reported information was not
previously incorporated into market expectations or analysts’ predictions. Even with
the advent of the new rule, filings for segments of diversified firms are not as revealing
as those of a firm with just one segment. Required items for segment reporting are
limited to a few items from the income statement used to create a measure of profit
or loss. Focused firms must report consolidated firm filings (via SEC forms 10-I or
10-Q) including such items as research and development and risk factors that can be
used to assess the growth potential of their singular business. Botosan and Stanford
(2005) show that in the previous regime firms hid profitable segments in less compet-
itive industries, which is consistent with competitive pressures impacting mandatory
disclosure. Finally, Berger and Hann (2007) use the same rule change and find that
agency costs rather than proprietary costs appear to influence management’s filing
disclosures.

Other research on mandatory disclosures does not utilize the rule change. Rather,
it focuses on aggregation choice in the presence of competitive pressures. Hayes and
Lundholm (1996) model the decision to aggregate business segments considering the
incentives of the firm to reveal or hide disclosures in the presence of a competitor.
They find that a firm faced with a rival has the incentive to aggregate segments that
have disparate results and disaggregate segments when their results are similar, lest
the rival discovers the more profitable business to cannibalize. Harris (1998) compares

SIC codes taken from filings and matches against SIC codes reported in Compustat as
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asegment to show that firms tend to aggregate segments in less competitive industries,
although she admits that she finds this result in mandatory disclosures while many
of the models used to motivate her story are for voluntary disclosure.

I adjust my tests for the potential impacts that mandatory disclosures have on a
firm’s complete disclosure environment. First, I adjust the segment data before and
after the adoption of SFAS No. 131 to address pseudo-conglomeration as discussed in
Sanzhar (2006). Second, Compustat has back-filled segment data before the 1997 to
be in accordance with the new filing requirements. Third, I consider the adoption of
Regulation Fair Disclosure (Reg FD) in late 2000. Reg FD prohibited management
from selectively providing material information to outsiders without releasing the
information to the public, and it was accompanied by a marked increase in the number

of forecasts provided to the public as shown in Healy (2007).

2.3. Consideration of Alternatives

2.3.1. Cost of Capital

In the full disclosure model, managers are endowed with private information and
investors know that the manager possesses such information. If this information is
disclosed, the information asymmetry between managers and investors diminishes.
Diamond and Verrecchia (1991) show that this reduction leads to a lower price im-
pact on the firm’s securities that increases demand from large investors and in turn
decreases the cost of capital for the firm. Another line of research that produces a
negative relationship between disclosure and cost of capital centers around estimation
risk. In the models of Coles, Loewenstein, and Suay (1995) and Barry and Brown
(1985), firms that offer more information have parameters that are easier to estimate,
resulting in lower market betas and lower expected returns (i.e., lower cost of equity

capital). By modeling information as a noisy indicator of future cash flows, Lambert,
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Leuz, and Verrecchia (2007) show that increasing the quality of disclosures creates
effects within a CAPM framework that ultimately lead to a lower cost of capital.”
The empirical literature examining the notion of a negative relationship between
disclosure and cost of capital offers mixed results. Botosan and Plumlee (2002) find
support using analysts’ ratings of disclosure of annual documents, but they find a
positive relationship using the ratings of quarterly reports. Brown and Hillegeist
(2007) find more consistent support by showing that annual, quarterly, and investor
relations ratings are negatively related to the probability of informed trade measure
(PIN), which they argue proxies for information asymmetry. Further, Lang and Lund-
holm (1996) show that many measures often used to proxy for information asymmetry,
such as analyst coverage and forecast dispersion, accuracy, and variability, are cor-
related with disclosure in ways that indicate lower information asymmetry for firms
with more disclosure, which is consistent with lower cost of capital.® Botosan, Plum-
lee, and Xie (2004) argue that public information could either be a complement to
or a substitute for private information, and when they include public information,
the relationship between cost of equity capital and private information is positive. In
support of the price impact story of Diamond and Verrecchia (1991), Coller and Yohn
(1997) show that information asymmetry as measured by bid-ask spreads is higher
for firms providing a forecast than for non-forecasting firms in the period prior to the
forecast, but there is no difference in spreads after a forecast. Also they show that
spreads over the nine days prior to a forecast are significantly higher than the spreads

over the nine days after the management forecast.

7Shin (2006) develops a model incorporating joint determination of asset returns and disclo-
sure with predictions that resemble short-terin momentum and long-terin reversal in returns, but a
reduction in cost of capital is not the driver of the model.

8While the focus here is on voluntary disclosures that lower information asymmetry, other firm
actions that lower information asymmetry have also been shown to be negatively related to cost
of capital. For instance, Barth, Konchitchki, and Landsman (2008) find that more transparent
carnings, that is, earnings that more closely relate to returns, are associated with a lower cost of
capital,
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Greater disclosure for diversified firms could be a result of an increased incentive
to lower their information asymmetry (and their cost of capital) rather than a result
of lower proprietary cost. The transparency hypothesis offered in Hadlock, Ryngaert,
and Thomas (2001) states that diversified irms have higher information asymmetry
due to lower transparency in the information available about the segments of the firm
relative to pure-play firm information. The empirical evidence on higher information
asymmetry in diversified firms generally finds the opposite, however. Using analysts’
forecasts as a proxy for information asymmetry, Thomas (2002) shows that diversified
firms do not have more information asymmetry than focused firms. He shows “that
greater diversification is associated with smaller forecast errors and less dispersion
among forecasts.” Moreover, he finds that diversified firms have higher earnings
response coefficients (ERC) indicating that investors impound earnings information
into stock prices to a greater extent than for focused firms. However, the results from
Thomas (2002) indicating lower information asymmetry for diversified firms flip after
controlling for return volatility. Using market microstructure measures of information
asymmetry, Clarke, Fee, and Thomas (2004) support the Thomas (2002) findings of
lower information asymmetry for diversified firms.?

Whether or not diversified firms have a lower cost of capital relative to focused
firms has yet to be fully answered. Only a few studies offer tests related to differences
in cost of capital or expected returns between diversified and focused firms. Hadlock,
Ryngaert, and Thomas (2001) show that relative to focused firms, diversified firms
suffer a less negative stock price reaction to seasoned equity ofterings than focused
firms, which is inconsistent with higher levels of information asymmetry for diversified

firms. The authors attribute their result to lower adverse selection problems in issuing

9Though not a study including alt diversified firms, Krishnaswami and Subramaniam (1999) show
that firms that engage in a spinoff have higher information asymmetry than a imatched control group
and gains associated with the spinoff are related to the decrease in information asymmetry for spinoff
firms.



16

securities of diversified firms due to lower measurement error from imperfectly cor-
related segments than from a bucket of focused segments. If the lower measurement
error for diversified firms that are selling securities is actually due to a commitment
to disclosure above and beyond that of focused firms, increased disclosure could be
causing this result. Lamont and Polk (2001) bring lower cost of capital for diversified
firms into question by showing that there is no difference in returns between diversi-
fied and focused firms, but they do find that discounted diversified firms have higher
realized returns than premium diversified firms.!°

I address the possibility that diversified firms have a greater incentive to disclose
due to differences in information asymmetry rather than proprietary cost differences in
two ways. First, in regressions of disclosure on diversification status and proprietary
costs, I include variables that control for information asymmetry. Next, I analyze
whether firms that provide voluntary disclosure have higher valuations relative to
their industry peers and whether this result is related to diversification status. If the
latter is true, it is an indication that further analysis is needed to disentangle the
determinants of disclosure and how those determinants affect value.

Bens and Monahan (2004) report that disclosure ranking measured using AIMR
ratings, which is used as an inverse proxy for information asymmetry, is positively
associated with excess value, which is measured as a log ratio of the actual value
of a firm to its value imputed from focused firm rivals, for diversified firms, but
the relationship does not exist for focused firms. The authors attribute the positive
association for diversified firms to the increased monitoring that is present for firms
with more revealing disclosure. My empirical structure allows me to update Bens
and Monahan’s work with more recent data, new empirical methods, and with actual

disclosures rather than outsider rankings of disclosure. I test the following hypothesis:

190 litton and Vorkink (2008) find that diversified firms have lower skewness in their returns and
this is consistent with investors’ preference for skewness risk and with a discount for diversified firms.
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Hypothesis 2. Higher measures of voluntary disclosures are associated with higher

ezxcess value.

Moreover, if diversified firms have higher information asymmetry and use volun-
tary disclosure to decrease it, there would be a positive interaction effect for diver-
sification status and disclosure in regressions of excess value. The hypothesis below

formalizes this argument:

Hypothesis 3. Higher levels of disclosure positively effect the excess value of diver-

sified firms more than focused firms.

2.3.2. Agency Costs

There is also a strand of literature addressing managers acting in their own interest
and adopting a disclosure policy accordingly. Berger and Hann (2007) provide empir-
ical support for an agency cost story that managers of diversified firms seek to mask
inefficient behavior among their segments by aggregating segments with poor perfor-
mance. Using proxies for disclosure, Aboody and I{asznik (2000) find evidence that
is consistent with firms adapting their voluntary disclosures in favor of CEQ option
payoffs. Brockman, Martin, and Puckett (2008) lend more support to this argument
by showing that firms release information intended to increase management’s stock
option payoff by releasing positive disclosure before intended exercise of options and
by releasing negative information before intended holding of vested options. In a sim-
ilar agency cost story, insider transactions are shown to be clustered after voluntary
disclosures that result in higher payoffs for the insiders in Noe (1999). Bernhardt and
Campello (2007) provide evidence that managers “talk down” the consensus analyst
estimate of earnings. While this practice fools investors in that they treat the changes
in analysts’ estimates as unbiased, the earnings “surpise” is not substantial enough
to raise the stock price above its losses from talking down the consensus before the

earnings announcement. Finally, Brockman, Khurana, and Martin (2008) show that
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managers “talk down” the price of the firm’s stock using voluntary disclosures prior
to repurchasing shares, and the bias in management forecasts is positively correlated
with management’s private incentives.!!

Many studies on corporate form point to potential agency costs differences between
diversified and focused firms. At the level of the CEQ, Shleifer and Vishny (1989)
model an empire building CEO who overinvests in projects to carve out more rents
for herself. Jensen (1986) details another form of overinvestment borne of greater ac-
cess to free cash flows in the diversified corporate form. Rajan, Servaes, and Zingales
(2000) develop a model in which incomplete contracting on investment choice drives
self-interested divisional managers to invest in projects that are defensive rather than
those that are most efficient for the firm. Scharfstein and Stein (2000) show how
rent-seeking managers provide another avenue for a value loss for corporate diversifi-
cation as managers take on projects that increase their bargaining power rather than
increasing firm value. Lamont (1997), Lamont and Polk (2002), and Ahn and Denis
(2004) provide empirical support for overinvestment by diversified firms. If managers
are behaving in the manner described in these studies, agency costs will be higher
in all cases for diversified firms. As such, they will be considered “lemons” in the
marketplace, and any attempt to mitigate agency costs using disclosure will be moot
in equilibrium. Since the mechanism by which voluntary disclosures could be used to
mitigate this aspect of differences in corporate form is not evident, I do not include

agency cost considerations in my tests.

11t could be that the adjustment to disclosure by diversified firms is less than for focused firms
because investors don’t know enough details to apportion the news to the segmments that make up
the business. If this is the case, the good news/bad news studies will have more focused firms in
them, and in turn, those samples will be smaller and younger than excluded firms. Also, dividing
the sample based on "substantial news” (>1% or <-1% move in price) amplifies the aforeinentioned
effect.
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3. Sample and Variable Construction

The primary data that I use to test the hypotheses are derived from the intersec-
tion of the FirstCall Company Issued Guidance (CIG) database and segment- and
firm-level data from Compustat. A download from CIG with announcement years
from 1990 2009 yields 111,908 observations of management forecasts.!> There are
only 67 forecasts from 19901993, so I remove forecasts announced in those years.
Since announcements pertaining to fiscal year 2009 have yet to be fully incorporated
into the database as of this draft, I also remove forecasts provided during firm fiscal
years after 2008. After choosing forecasts of earnings per share on common stock in
U.S. dollars that possess an eight-digit CUSIP and a FirstCall code that is necessary
to qualify the specificity of the forecasts, the database has 97,975 observations. Sim-
ilar to Anilowski, Feng, and Skinner (2007), I remove forecasts that are more than
90 days after or more than two years and 90 days before the subject fiscal period
end of the forecast. Finally, I remove a few remaining duplicates in CIG for a result-
ing database with 94,600 observations (46,184 annual forecasts and 48,416 quarterly
forecasts) spanning fiscal years as of the announcement of 1994 2008 as shown in
Table 1.

To derive measures of corporate diversification and to weight variables accord-
ing to segment distribution, I use the segment-level data from Compustat. SFAS

No. 14 created the regulatory requirement for firms to file segment-level information

12Chuk, Matsumoto, and Miller (2009) note some problems with the CIG database. First, they
show that hand-collected guidance from Lexis-Nexis is often not present in CIG. Though this may
bias my results for the propensity to provide a management forecast, other tests and techniques are
employed to lessen this problem. Also, they show that non-EPS measures and more complicated
calculations of guidance (e.g., 10% increase in earnings) are not as complete. I use only EPS forecasts.



20

with implementation and data entries beginning in earnest in the fiscal year of 1978.
Restatements of segment, or firm information are removed so the database contains
information that was available to investors at the time of filing rather than adjusted
numbers and filings revealed later.* I remove financial firms and utilities from the
sample as these industries are regulated differently from others, which could affect
the interpretation of proprietary costs and diversification.

SFAS No. 131 creates the need to make an adjustment to the data on both sides of
the rule change for comparability. 1 perform the procedure described in Hund, Monk,
and Tice (2010) to account for the segment reporting changes. The new rule requires
firms to report segments based on operating structure rather than industry compo-
sition. As a result, firms reported more segments, but many of these segments are in
the same four-digit SIC code (see Sanzhar (2006) for details on these pseudoconglom-
erates.) The procedure I use aggregates sales for segments in the same 4-digit SIC
code thereby making the data after SFAS No. 131 more comparable to those before
it. I also remove segments with sales equal to zero or with missing values, since many
of these are “corporate” segments put in place to allow firms (under the new rule)
to allocate assets to the corporate entity rather than business-line segments. Finally,
Compustat has adjusted observations in the segment database before the adoption
of the rule to be in accordance.!® In addition, Compustat created “new” segments
data to backfill years prior to 1997 in their database to provide better comparability
across the regulatory regimes.

Finally I merge the forecast and segment data with Compustat firm-level data
required to perform additional screens for the segment-level data and to calculate

other variables used throughout the study as controls. I remove those firms not

B3To the extent that imanagers knowingly provide incorrect forecasts and then manipulate filings
to meet the incorrect forecasts, using non-restated data could bias my results.

“Due to the subjective nature of asset allocation under the new rule, I only use segment sales
data in my analysis.
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reporting segment sales that sum to within 1% of reported total sales. This firm-level
screen is taken from Berger and Ofek (1995) and is in agreement with the empirical
diversification literature. Other variables will be described in the sections below as

needed. Short descriptions of all variables are in A.

3.1. Management Forecasts

Using the FirstCall Company Issued Guidance data described above I create man-
agement forecast variables for my tests. To get a better sense of how often the firm
offers voluntarily disclosures, I calculate the number of forecasts provided by a firm
in fiscal year t, notated by N Forecast,, including updates but not duplicating fore-
casts given on the same day. Botosan and Plumlee (2002) find substantial differences
between disclosure rankings based on annual and quarterly reports. Therefore, I
produce separate results for annual and quarterly data where appropriate. I also cre-
ate a dummy variable (Forecast) to indicate whether management issued a forecast.
Forecast equals 1 for each CIG observation that has a matching firm-year observa-
tion from Compustat, and it equals zero for Compustat firm-years that do not have
a matching observation in CIG.

To allow for deeper analysis of the disclosure policy of firms, I create variables
based on more than just the sheer number of management forecasts. First, I calculate
the number of days between the announcement date and the fiscal period end, denoted
by Lead. Note that this variable is negative for those forecasts that are provided after
the fiscal period end but before the actual earnings are announced. To capture the
information available to investors at the time of the announcement and to reduce
erroneous data points, I remove announcements that are more than 90 days after
or more than 820 days (two years plus 90 days) before the subject fiscal period
end. I chose 90 days after the fiscal period end so as not to interfere with results

from the next quarter. I chose two years plus 90 days before the fiscal period end
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after looking at the distribution of forecasts and noting a few outliers that were
thousands of days before the fiscal period end and are likely data entry errors. Second,
I create a variable to denote the specificity of forecasts, Spec, using the definitions
from Baginski, Conrad, and Hassell (1993) and a numbering scheme that is increasing
in specificity as indicated in B. Fig. 2 shows that the number of forecasts per year
peaked in 2004 and that the proportion of “range” forecasts has increased over time.

The final forecast measure is the ex-post accuracy of the management forecast.
Error is calculated as the difference between the management forecast and actual
earnings normalized by the stock price at the end of the most recent quarter, mul-
tiplied by 100, and winsorized at the 1% level. I also use the absolute value of this
measure in some tests. Ajinkya, Bhojraj, and Sengupta (2005) and Brockman, Khu-
rana, and Martin (2008), among others, use a similar measure of management “bias”
in situations of monitoring and repurchasing shares, respectively. In the present con-
text the measure will be useful in determining if the bias from other research is related
to the effects of proprietary costs and diversification. However, this measure is imper-
fect because for open-interval forecasts, I simply subtract actual EPS number from
the EPS forecast. Also, for range forecasts, I use the mid-point of the range forecast

as management’s forecast following Baginski, Conrad, and Hassell (1993).

3.2. Measures of Diversification Status and Value

Using the Compustat segment data I create two measures of diversification. The
first and most commonly used is the diversification indicator variable (A/ulti,) that
equals one if a firm reports multiple segments by four-digit SIC code in fiscal year
t. Otherwise, the indicator equals zero. To provide additional depth to the analysis,

I also create entropy (Emntropy,) as described in Jacquemin and Berry (1979) as a
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continuous measure of diversification. The entropy measure of diversification for firm

i is determined at fiscal year t by

n
1
Entropy, , = Z P, ,.In P (1)
g=1 st

where 7 is the number of four-digit SIC code segments and P, , , is the proportion of
sales from segment s of firm i at . Entropy equals zero for firms reporting a single
business segment, and it is greater than zero for firms reporting multiple business
segments. Importantly, entropy changes as the distribution of sales across segments
changes, even if the number of segments is held constant, which allows for an analysis
of the impact of the degree of diversification on disclosure decisions.

Table 2 shows descriptive statistics for annual forecasts split into two panels based
on diversification status. The mean number of annual forecasts per firm per year
(N Forecast) has increased from about one in 1994 to above five in 2008, and mean
N Forecast is greater for diversified firms in every year after 1997. Diversified firms
comprise only 19% (11, 264/(11, 264 +46, 870)) of firms not providing annual guidance,
but they comprise 33% [3,130/(3, 130+ 6,480)] of firms providing an annual forecasts
and 36% (10, 461/(10, 461 + 18,556)| of total annual forecasts. Similar results for
quarterly forecasts are available upon request.

The similarities between the full FirstCall sample and the screened sample in
unreported tests provide confidence that screening mechanisms did not introduce
substantial bias. In addition, a matching technique is employed in Section 4.4.2.3 to

provide further empirical support.

3.3. Proprietary Costs

Several measures are needed for reliable proxies for the proprietary costs that firms

face. As noted in early literature cited in Section 2, the type of competition can and
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does have an impact on voluntary disclosure equilibrium outcomes. The difference
between product market competition and the threat of entry has been shown to be
enough to change the effect of competition on voluntary disclosures. The variability of
proxies for proprietary costs across industries, firms, and segments can be drastically
different. I separate the measures according to their variability: industry-, firm-, or

segment-level.

3.3.1. Industry-Level Measures

Following Botosan and Stanford (2005) and Harris (1998), for each three-digit
firm-level SIC code I construct the four-firm concentration ratio (Concd Firm) and
the Herfindah] Index (HI). The former equals the sum of the proportion of annual
sales in a three-digit SIC code industry of the top four producers by sales, whereas
the latter is the sum of the squared proportions of sales coming from all firms in a
three-digit SIC code industry.?® As these measures increase, competition decreases.

As the last industry-level measure, I use the speed of profit adjustment. Harris
(1998) notes that this measure provides an indicator of the persistence of abnormal
profits away from the industry mean. The value for speed of adjustment, SpeedAdj,
is the coefficient fs; of Eq. 2, which is executed separately for each industry j. As

with Concd Firm and HI, a higher value for SpeedAdj implies less competition. !¢

Xiji = Boj + Bij(DnXije—1) + Boi(DpXiji1) + €ije (2)

BAli, Klasa, and Yeung (2009) provide evidence that industry concentration measures using
Compustat can be biased. Their study cites the lack of private firms in the Compustat database as
a weakness. However, in the context of testing differences in voluntary public disclosures that are
uitimately verifiable due to mandatory filings, using only public firms should have less of an impact
on inference.

Y6Berger and Hann (2007) use segment abnormal profitability to proxy for management’s desire
to withhold segment information from potential entrants. As stated in their paper, such ineasures
for the entire samnple of segments are difficult to obtain and to verify. Their sammple is linited to
firms changing corporate forin around a rule change. As such, they could hand-collect the necessary
data more easily.



where
e X is the difference between the ROA of firm ¢ and the mean ROA of its three-
digit SIC industry j;
e D, is a dummy indicating negative X;

e D, is a dummy indicating positive X.

3.3.2. Firm-Level Measures

The equity market-to-book ratio (AfB) has been used in the disclosure literature
as a measure of growth opportunities and more loosely as a proxy for proprietary
costs. Firms with high growth opportunities may have a lower incentive to disclose as
argued in Bamber and Cheon (1998), but this relationship could be in the opposite
direction if a firm desires to deter entry by signalling that a particular industry has
lower opportunities. Perhaps this ambiguous relationship is demonstrated in their
findings that the lagged value of M B is negatively associated with the level of investor
proactivity of the release venue, but when used as an explanatory variable for forecast
specificity the ratio is no longer significant. Further, Ajinkya, Bhojraj, and Sengupta
(2005) include lagged A/ B in similar regressions of management forecasts issuance,
but in most cases their tests show that the coefficient for it is not significantly different
from zero. I calculate M B, as the log of the ratio of the market value of equity at
calendar year end t to the book value of equity.

Other firm-level variables offer more direct proxies for proprietary costs. Research
and development expense (RD), calculated as the yearly R&D expense over assets, is
argued to be positively related to proprietary costs in Wang (2007). In cases in which
R&D expense is missing, I set the value equal to zero. Also, I include three-digit SIC
industry percent rank of profit margin (PAfargin) and market share (M Share) as

in Nichols (2009).



3.3.3. Firm-Level Measures Using Segment-Level Information

Since a diversified firm is composed of multiple segments from potentially multi-
ple industries, I construct some firm-level variables that are based on segment-level
information. For each measure, I treat the segment as a separate entity within an
industry and calculate market share information accordingly. By treating each seg-
ment as a separate competitor in the industry market, these measures offer a more
complete picture of the level of competition that a particular industry participant is
facing. Specifically, I use segment sales and their accompanying industry designation
to create a segment-sales weighted average market share (M ShareSeg) and Herfind-
ahl Index (H/wtd). To calculate the latter measure I multiply the proportion of firm
sales in a particular three-digit segment industry by the Herfindahl Index created
using sales values from all segments within a three-digit SIC code industry and then

sum over the number of segments in the firm as shown in Eq. 3 and Eq. 4.

m

Si o
Hlseg; = e 3
7 s
HIwtd,; =Z(—£)*H[segj, (4)
= O
where

m = number of segments in three-digit industry j,
s = segment sales,
S = sales from all segments (in industry 7 or firm f),
n = number of segments in firm f.

Table 3 provides some support for separate consideration of the proprietary cost
measures. Although many of the correlation coefficients between the measures are
significantly different than zero, only four have an absolute value greater than 0.5.
SpeedAdj, M B, and PMargin have very little relationship with any of the other

measures. Since M B has been used in the disclosure literature to proxy for other
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economiic effects such as growth opportunities, it will remain in my analyses. Among
the remaining proprietary cost proxies, I will consider measures that include industry-

level, firm-level, and segment-based calculations where appropriate.

3.4. Other Variables

I address two common controls first. Firm size may have a positive or negative
association with disclosure. On one hand, larger firms will have the real resources
to produce the information more easily (Diamond (1985)). On the other hand, more
information is generally available publicly for larger firms, perhaps substituting for
some of the information that management would otherwise release (Brockman, I(hu-
rana, and Martin (2008)). Harris (1998) argues that firm size is also a proxy for the
number of segments reported due to filing requirements based on a 10% threshold to
list a segment separately. To control for these possible effects I use the variable Size,
measured as the log of total assets. Brown and Hillegeist (2007) also note the im-
portance of recent performance on a firm’s decision to issue guidance. To capture
recent performance I use return on equity, ROE. Using excess firm returns over the
CRSP value-weighted index during the three months ending before the issuance of
the management forecast yields similar results.

Earnings volatility has been used as a measure of the potential for large move-
ments in management forecasts and susceptibility to litigation. Managers from firms
with higher earnings volatility may have a tougher time forecasting earnings and may
be more likely to get the forecast wrong. Not only is this measure applicable in
the study of voluntary disclosures, but also it has been shown to be an important
determinant in studies of corporate diversification. Diversified firms are shown in
Dimitrov and Tice (2006) and Hund, Monk, and Tice (2010) to have significantly

lower volatility in firm performance measures such as ROE, ROA, and EBIT. |
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calculate earnings volatility, EarnVol, as the standard deviation of the previous 12
quarters of earnings before the period including the forecast winsorized at 1%.

To address information asymmetry, which is one of the primary theoreti-
cal determinants of disclosures, I use a few measures taken from extant literature.
First, I use residual stock return standard deviation, Volatility, as calculated in
Krishnaswami and Subramaniam (1999). Volatility is the standard deviation of
the market-adjusted daily stock returns over the 36 months preceding the forecast
announcement. I take two other measures of information asymmetry from analyst
information as provided in FirstCall: NumEst and Dispersion. NumFEst is the
number of analyst estimates of annual earnings per share preceding the date of the
management forecast, and Dispersion is the standard deviation of all active analyst
forecasts as of that same date winsorized at 1%.

There is considerable theoretical and empirical evidence in the disclosure literature
showing that firms disclose good news more readily than bad news.!” I construct an
indicator variable for negative earnings, NegFarn, to control for this effect. However,
there is a counterargument to the preference for good news disclosures. Management’s
legal obligation to reveal material private information can bias their disclosures to-
ward “bad news” as management attempts to prevent suits after a precipitous fall in
stock price as in Baginski, Hassell, and IKimbrough (2002) and Schrand and Walther
(1998). The legal environment, specifically the probability of litigation surround-
ing negligent guidance, has been shown to be a factor when issuing guidance, for
the frequency of the guidance, and for its specificity. Congress enacted the Private
Securities Litigation Reform Act of 1995 as a means to address this fear of litigation.

Recent results by Rogers and Stocken (2005), Kothari, Shu, and Wysocki (2009), and

"For example, see Dye (1990), Dye and Sridhar (1995), Gennotte and Trueman (1996), and Miller
(2002).
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Cao, Wasley, and Wu (2007) show that firms are more likely and quicker to reveal
bad news than good news.

Although there is to my knowledge no research showing a difference between
diversified and focused firms with respect to litigation risks, some research argues that
inefficient investment by diversified firms causes those firms to have worse performance
than their peers on average. Worse performance could cause more lawsuits as investors
tend to sue more often after bad information is released than after good information
is released. On the other hand, dispersed segments could allow diversified firms
to smooth performance perhaps lowering the probability of a lawsuit (and making
diversified firms more likely to issue guidance). Therefore, the impact of litigation
risks is not clear in the context of diversification and disclosure. I use the negative
earnings growth indicator variable (NegEarnG) from Bamber and Cheon (1998) and
Brockman, Khurana, and Martin (2008) to proxy for litigation exposure. NegFEarnG
equals 1 if the firm has negative earnings growth over the year, and it equals 0O
otherwise. Additionally, I include a broader indicator for industries prone to litigation.
Using segment-level data, 1 calculate LitInd as the proportion of firm total sales
coming from segments in the following four-digit SIC code industries: 2833 2836
and 87318734 (biotechnology); 3570 3577 and 7370 7374 (computers); 3600 3674
(electronics); and 5200 5961 (retail).

One assumption of the full disclosure model is that all investors interpret manage-
ment’s disclosure or non-disclosure in the same manner. Theoretical models manipu-
lating this assumption, such as in Dye (1998), result in some investors gaining more
from the information release than others. Brockman, Khurana, and Martin (2008)
address the empirical implications of the models by controlling for differences in in-
vestor sophistication. Although the focus of their paper is not different investor
groups, they find a result consistent with investor sophistication impacting voluntary

disclosure. Bamber and Cheon (1998) use a measure of non-affiliated blockholders
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to proxy for litigation exposure, but the same measure could be a proxy for investor
sophistication. Evidence in Ajinkya, Bhojraj, and Sengupta (2005) showing that
greater institutional ownership increases disclosure lends support to these arguments.
However, this measure is confounded by the liquidity impacts of disclosure and how
those impacts may be favored more by one set of investors over another. Although
other variables that I incorporate into my tests may be considered proxies for investor
sophistication, I intend to include a more direct measure in my controls at a later

date.
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4. Empirical Tests and Results

In the following section, I merge arguments taken from the Motivation section
with the data described in the previous section to implement empirical tests. All of
the tests are designed to work together to provide rigor to an analysis of whether
proprietary cost differences between diversified and focused firms impact voluntary

disclosures.

4.1. Univariate and Bivariate Tests

On average over the sample period, a greater percentage of diversified firms provide
voluntary disclosure than do focused firms. Fig. 1 shows that this is true in every year
except 1997. Since 1998 an average of about 36% of diversified firms have provided a
forecast while only 27% of focused firms done so.

The summary statistics in Table 4 show that there are significant differences be-
tween firms that provide management forecasts and those that do not. Diversified
firms comprise 26.8% of forecasting firms, but only 19.1% of non-forecasting firms.
This relationship holds for the Entropy measure as well. All of the proprietary mea-
sures except for A/ B are significantly different for forecasting firms, and the direction
of the difference indicates that firms facing less competition tend to forecast. As
with extant literature on voluntary disclosures, forecasting firms tend to be larger,
less likely to have negative earnings, have better recent performance, come from in-
dustries with high litigation exposure, have greater analyst following, and have less

dispersion among the analyst forecasts of their firm.



4.2. Multivariate Tests

The summary statistics provide some evidence for a relationship between corporate
form and disclosure, but without more rigorous testing, arguments other than the
proprietary cost story that I offer could be used to explain this relationship. In the
section to follow, I test the hypotheses put forth in the Motivation section using a

multivariate framework.

4.2.1. Forecast Issuance

[ first analyze whether diversified firms are more or less likely than focused firms
to issue a forecast as stated in Hypothesis 1 and whether the effect of diversifica-
tion changes with the competitive environment. [ test the propensity of providing
a management forecast conditioned on proxies for corporate form and other factors
known to affect forecast issuance, such as growth opportunities, firm size, earnings
volatility, and litigation environment (see Rogers and Stocken (2005) and Matsumoto
(2002)). The dependent variable is the dummy variable Forecast; that equals 1 if a
firm provides a forecast in fiscal year ¢ and is 0 otherwise. Due to the binary nature of
the dependent variable, the most appropriate empirical tests utilize binary response
models, specifically a probit or logit model. I use a logit model. The tests of forecast

issuance take the form:

Pr(Forecast)) = o + 1 Form; + x.8 + €, (5)

where Form is either the multi-segment dummy variable A{ulti or the entropy mea-

sure of diversification E'ntropy, and x, _, is a vector containing control variables.
Table 5 provides results that are consistent with Hypothesis 1 for various iterations

of Equation 5 using Multi as a measure of diversification. All of the models show

that the diversified corporate form is associated with a greater propensity to issue a
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forecast. In the first column of results, the positive and significant (at the 1% level)
coeflicient of 0.28G for Multi,_, translates to a 7% marginal effect for a diversified
firm. The other columns present the results with various proprietary cost proxies. The
label at the top of each column indicates the proprietary cost (PC) measure used.
M B is negative and significant in all of the models except the one that includes RD
as a control. Additionally, all of the other PCs are significant at the 1% level and the
sign of the coefficient indicates that an increase in proprietary costs is correlated with
a decrease in the propensity to issue a forecast. For example, the positive coefficient
for HI in the second column of results indicates that higher industry concentration,
which proxies for lower proprietary costs, is positively related to the propensity to
issue a forecast. The negative coefficient for RD, a positively correlated proxy for
proprietary costs, indicates that higher RD is correlated with a lower propensity of
issuing a forecast. These results provide support for the proprietary cost hypothesis
and for Hypothesis 1.

The results in Table 5 are consistent across models with respect to the control
variables. The coefficients for Size are positive and significant at the 1% level, indi-
cating that larger firms are associated with higher odds of issuing a forecast, perhaps
because size is a proxy for diversification as in Harris (1998). The negative coefficients
for NegEarn are contrary to arguments that firms with negative earnings attempt
to avoid litigation resulting from poor performance by being more transparent via
disclosures. However, LitInd is positive and significant in almost all cases, and the
inclusion of LitInd makes the interpretation of NegEarn different with respect to lit-
igation exposure. Consistent with earlier studies, recent firm performance, as proxied
by ROE, is positive and significant at the 1% level in all models.

Table 6 shows that using Entropy as the diversification proxy produces very simi-
lar results to those found using Afulti. The results for the control variables are almost

identical to the results using Afulti as the diversification indicator.
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4.2.2. Valuation Effects

The next tests that I perform are related to the potential benefits of voluntary dis-
closure. Firms that successfully lower the level of information asymmetry surrounding
their irm should enjoy higher valuations. Moreover, diversified firms that are con-
sidered more opaque may benefit more from such disclosures than their less opaque
focused peers. Although all firms would be expected to gain value if they commit
to higher levels of disclosure and disclosure decreases the cost of capital, diversified
firms may benefit even more from disclosure if they have characteristics causing their
cost of capital to be higher relative to focused firms.

I use the excess value measure to assess valuation differences between diversified
and focused firms. Excess value (EV) is calculated using a log ratio of reported total
capital (market value of equity plus book value of debt) to the imputed value for the
firm. The imputed value is computed by multiplying the median ratio of total capital
to sales for focused firms in a segment’s industry by the segment’s reported sales and
then summing over the number of segments in the firm.!®

I test Hypothesis 2 and Hypothesis 3 using the following regression:

EV, = a+ foMulti, + By Disc, + pyMultiX Disc, + x4, + ¢, (6)

where Disc is a disclosure level equal to firm-level number of forecasts provided
(N Forecast) or within industry percentile rank of Lead, Spec, or Error for fiscal
year t. Typical control variables for regressions involving excess value are included in

X_4.'_ s

18 do not use the asset- or EBIT-mwultiplier approach for excess value. I forego the former because
the allocation of assets to segments is problematic after the passing of SFAS No. 131, and the latter
because EBIT is often nissing in the segment data. B provides greater detail on the formula used
to calculate excess value.
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As is evident in Table 7, the results for these tests depend on which measure of
disclosure is used. I use ordinary least squares for all of the models controlling for
year fixed effects and clustering standard errors by firm. Consistent with Hypothesis 2
the coefficients for Lead, Spec, and |Error| indicate higher excess values for those
firms with more revealing disclosure policy.’® However, there are mixed results for
Hypothesis 3. While the model including N Forecast supports the hypothesis that
diversified firms reap greater benefits of disclosure, the results for Error and |Error|
show the opposite. The lack of a convincing result for Hypothesis 3 lends some support
to the argument that the higher propensity of providing a forecast for diversified firms

found in earlier tests is related to the proprietary cost hypothesis.

4.2.3. Matched Sample

Although a number of recent academic studies use the FirstCall CIG database for
guidance forecasts, there are some sample selection concerns with the firms covered.
Lansford, Lev, and Tucker (2010) provide an appendix to their work showing that
firms providing “soft” guidance information are less likely to be covered in the CIG.
Moreover, Chuk, Matsumoto, and Miller (2009) provide evidence that firms providing
guidance with greater Lead or lower Spec, among other characteristics, tend to be
missing from the CIG database. For this to be a factor in the results presented here,
the omissions from the CIG would have to be systematically related to diversification
status or proprietary costs.

To allay these concerns I change how I determine the sample that did not issue
a guidance forecast. Namely, I use coarsened exact matching to construct the non-
forecasting firms from firms that are matched to those in the FirstCall CIG using a

number of criteria. I follow Coller and Yohn (1997) and match firms on market value

WA higher ranking for |Error| indicates a higher error on average versus industry peers and
therelore is an inverse measure of disclosure.



36

of equity, two-digit SIC code, fiscal year, and primary exchange. I use coarsened exact
matching to exactly match on the latter three characteristics and to match within a
range for the market value of equity.

As shown in Table 8, the results using this adapted sample fully support the finding
that diversified firms are more likely to issue a forecast. The signs and significance

levels of the coefficients are very similar to those in Table 5.

4.2.4. Diversification Decision

The decision to diversify has been shown to be a factor in analyzing the effects
of diversification status. Campa and Kedia (2002) and Villalonga (2004) provide ev-
idence that the results of earlier studies using diversification indicators as exogenous
measures are erased or even reversed when variables correlated with the decision to
diversify and the dependent variable in those studies are included in the empirical
framework. Although the analysis above appears to support Hypothesis 1 that di-
versified firms are more likely to issue a forecast, endogeneity of the diversification
decision could result in biased estimates and erroneous inferences.

T address this endogeneity by fitting a probit model that allows for instrumentation
of a continuous endogenous explanatory variable. Since the implementation of instru-
menting a binary endogenous explanatory variable in a binary response model has
some weaknesses, I perform tests using the continuous variable E'ntropy rather than
Multi as a proxy for diversification. As instruments for Entropy, I use three measures
that have been supported in the literature. Campa and Kedia (2002) note that there
are many reasons why a particular industry may be more attractive to a particular
corporate form. In particular, they mention industry regulation as a potential factor.
I use their measures to capture this potential effect. PSDIV is the fraction of sales
within an industry that come from diversified firms after omitting the sales from the

subject firm. Industry is measured at the two-digit level in Campa and Kedia (2002),
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but I use the three-digit and the four-digit level to allow for comparison with other
measures. Also, I use a sales-weighted average of the measures, which affects the
values for multiple-segment firms. These measures are constructed to be positively
associated with industry attractiveness for diversified firms. Following Dimitrov and
Tice (2006), I also include minority interest as shown on the balance sheet (M IB)
as an instrument for the decision to diversify. A/IB is a dummy variable that equals
one if the firm has non-zero minority interest on its balance sheet. This indicates that
the firm owns a majority of another firm and therefore has an interest in that firm.
Table 9 shows the second stage results of this test. Four of the six models have
coefficients for E'ntropy that are positive and significant in agreement with Table 6
and in support of diversified firms being more likely to provide a forecast. The models
using the industry-level proprietary cost measures of HI and SpeedAdj show positive
coefficients for instrumented Entropy, but those coefficients are not significantly dif-
ferent from zero. The lack of results for these particular models weakens my previous
findings, but perhaps some identification issue is driving these results. Perhaps one
indication of this is the fact that segment sales-weighted H [witd is positive and sig-
nificant while the pure industry-level measure H 7 is not. As with previous tests, all

of the models show that PC are negatively associated with the propensity to forecast.

4.3. Empirical Issues and Robustness Tests
4.3.1. Regulatory Robustness

There are two regulatory changes that occurred over the period of this study that
have been shown to affect diversification and disclosure. For financial statements for
periods beginning after December 15, 1997, SFAS No. 131 requires public companies
to meet new segment reporting regulations. Regulation Fair Disclosure, effective
as of October 23, 2000, was accompanied by marked changes in forecasts provided

to the public (Healy (2007)). The former rule change is addressed in two ways.
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First, Compustat has back-filled segment data prior to the rule change to make it
comparable to data after the rule change. Second, I remove extraneous segments
with no sales and those that were created to represent “corporate” rather than a
true business segment. I address the latter rule change using an indicator variable
to study how the rule affected voluntary disclosure policy. Brown, Hillegeist, and Lo
(2005) follow this technique for the implications of Reg FD on the determinants of
disclosures.

To the extent that these rule changes increased transparency, diversified firms
would be expected to lose some of their proprietary cost advantage, and the effects
of diversification and proprietary costs noted in Hypothesis 1 would be diminished.>®

Table 10 shows that the previous results from Table 5 in support of Hypothesis 1
are no longer present after explicit consideration of RegFD. The indicator RegF D is
positive and significant in all of the models indicating that all irms are more likely
to disclose after the rule was adopted than before. Also, as expected, the coefficients
for the diversification indicator have been diminished in value and significance. How-
ever, all of the proprietary cost measures remain significant and indicate a negative

relationship between proprietary costs and disclosure.

4.3.2. Forecast Obfuscation

Firms have considerable latitude in the level of voluntary disclosure they provide
even if they have decided to definitely issue a forecast. In this section, I study the
timing, specificity, and accuracy of forecasts with attention to how these attributes
of a forecast are affected by proprictary costs differences between focused and diver-

sified firms. Higher proprietary costs of voluntary disclosure for a focused firm may

20The Private Securities Litigation Reform Act of 1995 expanded the safe-harbor protection to
firms for disclosing forward-looking information, but the implementation of this Act did not occur
until late in 1995 and therefore should not drastically impact the results of my sample.
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motivate the firm to refrain from providing guidance or to obfuscate it. The following

hypotheses provide testable implications for such obfuscation:

Hypothesis 4. Conditional on issuing an earnings forecast,

(¢) Focused firms provide the forecast later in the forecast window than diversified
firms;

(b) Focused firms offer lower earnings forecast specificity than diversified firms;

(c) Focused firms provide forecasts with greater differences from actual earnings than

diversified firms.

Additional measures of voluntary disclosure decisions provide at best mixed results
on the question of whether focused firms obfuscate their forecasts. It appears from
Fig. 4 that for diversified firms Error is lower and Lead is higher, both indications
that diversified firms provide information more readily than focused firms. Spec seems
to almost identical between diversified and focused firms over the years. As shown
in Fig. 3, a notable increase in Lead is evident in annual and quarterly forecasts
in the earlier years of the sample indicating that firms increased the time between
their forecasts and the fiscal period end. Moreover, values for Error indicate that
management forecasts of EPS are greater than what is ultimately revealed, which is
consistent with a bias toward positive information in voluntary forecasts as shown in
Rogers and Stocken (2005). However, Error has decreased substantially since 2001.

Table 11 statistically confirms some of the appearances in the figures by showing
significant differences for annual forecasts not only between Error and Lead, but
also N Forecast and |Error|. For quarterly forecasts only N Forecast is significantly
different between focused and diversified firms.

I test Hypotheses 4(a) 4(c) using a similar framework to Eq. 5. T use Lead, Spec,
and Error as forecast-level dependent variables as shown respectively in the equations

below:

Lead, = a + BoMultiy + x1.3 + & (7)
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Spec, = a + BoMulti, + x2.08 + €, (8)
abs(Error,) = a+ BoMulti, + x3.8 + &, (9)

where Multi is the diversification dummy variable. The control variables in the vector
x1,_, and x3,_, are the same as in Eq. 5. Following Ajinkya, Bhojraj, and Sengupta
(2005), I include Lead as an additional control variable for x2,_,. In each case, I also
provide test results after adjusting the dependent variable by the three-digit SIC code
median industry value.

There are differences from earlier tests with respect to the data set used and
empirical methodology as well. For these tests I use forecast-level data rather than
firm-level data, and tests are divided by periodicity (annual or quarterly). Other
studies take the approach of removing periodicity as a concern by focusing on either
annual or quarterly forecasts. This delineation is especially important when look-
ing at variables such as Lead, which is obviously different for annual and quarterly
forecasts. Since these dependent variables are not discrete response models, different
empirical methods are required. Ordinary least squares (OLS) is a reliable technique
for Eq. 7 and for all of the industry adjusted regressions. OLS eases the use of ad-
vanced empirical methods such as fixed effects and instrumental variables, especially
in the case of endogenous binary explanatory variables. An ordered probit is the best
methodology for Eq. 8, which has a dependent variable that equals 1, 2, 3, or 4. Since
| Error| is censored below at zero, I use a tobit model for Eq. 9.

In short, multivariate test results do not support any obfuscation of forecasts by
focused firms. In fact, many of the results shown in Tables 12 17 lack consistent
results for a particular control variable. These varying results may be caused by
weakness in the empirical method that conditioning on a forecast causes. There is
obvious evidence that firms that forecast are significantly different from those that

do not. In future research, I intend to find a more appropriate way to address the
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endogeneity of the forecast decision along with the endogeneity of the diversification

decision.



5. Conclusion

In disclosing information to the public that is not mandatory, a diversified firm
has a choice: provide segment-level details or provide aggregate information. Focused
firms do not enjoy this option. A focused firm disclosure can be more accurately allo-
cated to a particular business or industry allowing competitors to react more readily.
This situation creates the potential for additional proprietary costs suffered by focused
firms that are not incurred by diversified firms. If the proprietary cost of voluntary
disclosures hypothesis posited in Verrecchia (1983) holds, focused firms could refrain
from voluntary disclosures without the fear of incurring a market discount, resulting
in a lower propensity to provide voluntary disclosure for focused firms.

Using voluntary disclosures from the FirstCall Company Issued Guidance database,
I show that focused firms are less likely than diversified firms to issue a forecast. Even
after controlling for other variables that are known to affect the issuance of a forecast
(e.g., recent performance, size, analyst coverage), a focused firm is less likely to issue
a forecast than a diversified firm. All measures of proprietary costs affect the likeli-
hood of providing guidance in the expected direction. For example, firms operating
in more concentrated industries are more likely to provide guidance, and firms with
more investment in research and development are less likely to disclose. However,
the inclusion of proprietary cost measures does not remove the significance of the
diversification status of the firm. Focused firms remain less likely to disclose.

I use regressions of excess value on disclosure measures and diversification proxies
to test whether diversified firms are more likely to disclose because they have more to
gain from lowering their increased information asymmetry relative to focused firms.

The results show that more informative disclosures do tend to be positively associated
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with excess value, but there is limited evidence of a differential effect for diversified
firms. In fact, for disclosure measures constructed using management forecast error,
diversified firms with less informative disclosures have higher excess value on average.
These results generally indicate that diversified firms do not gain more from disclosure.

Additional tests of the propensity to issue a forecast yield mixed results. Using a
matched sample the results fully support a lower propensity of disclosure for focused
firms, and the proxies for proprietary cost indicate a negative relationship between
proprietary costs and disclosure. After considering the endogenous decision to diver-
sify, the results are not so clear. When instrumenting the continuous diversification
indicator Entropy, most of the models show that focused firms are less likely to dis-
close. Tests incorporating the adoption of RegFD in late 2000 show that all firms
were more likely to voluntarily disclose after RegFD was adopted. In these tests, the
diversification status and its interaction have the expected positive sign, but neither
is significant. Taken together, these additional tests provide more evidence that di-
versified firms are more likely to disclose, although the result does not hold in every
case.

When firms decide to provide guidance they have additional discretion over what
level of detail to provide to the public. The same proprietary cost difference that may
be driving focused firms to limit the instances of their voluntary disclosures could also
result in less informative disclosures from focused firms as a way to obfuscate their
news. In the results presented, I show that this does not seem to be the case. Tests
analyzing the time between earnings forecast and earnings announcement, the speci-
ficity of the earnings-per-share (EPS) estimate provided, and the difference between
forecasted and actual EPS do not yield a consistent result. Moreover, the sign and
significance of many of the control variables are different from the results analyzing

the issuance of a forecast.
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Here again, the econometric method could be an important factor. Those firms
choosing to provide a forecast are obviously different from those that do not (as seen
in earlier tests). This endogeneity must be addressed. Additionally, after a decision
to issue a forecast is made, the characteristics of that forecast are simultaneously
determined. My tests do not control for these issues yet, which could definitely
change my results.

This study provides ample indication that further study of the voluntary (and
mandatory) disclosure environment is warranted. Regulation that is written to con-
sider the competitive disadvantage of a diversified firm disclosing segment information
should also consider the fact that focused firms are always revealing their “segment”

information in full.
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Variable

Definition

Forecast

N Forecast
Lead

Spec

Error

Multi
Entropy
Concd Firm
HI
SpeedAdj
EarnVol
MB

M Share
PMargin

RD
HIwtd

MShareSeg

Volatility

Dummy variable equal to 1 if the firm offered guidance and 0
otherwise

Number of forecasts provided by a firm per fiscal year

Average elapsed days from guidance announcement to fiscal pe-
riod end

The specificity of the guidance: 1 is qualitative; 2 is open-ended;
3 is range; and 4 is point

Difference between the forecast and actual earnings per share,
normalized by the most recent end-of-quarter share price, mul-
tiplied by 100, and winsorized at 1%

Dummy variable equal to 1 if firm has multiple segments and 0
otherwise

A measure of firm diversification based on the dispersion of sales
across segments

Proportion of sales in a three-digit SIC code industry coming
from the top four producers by sales

Firm-level sales-based Herfindahl Index at the 3-digit SIC code
level

Speed of abnormal profit adjustment as calculated in Eq. 2
Standard deviation of 12 quarters of earnings measured at the
end of the fiscal period before the management forecast date
winsorized at 1%

Log of the equity market to book ratio

Firm three-digit SIC code industry sales market share as a per-
centile rank

Firm three-digit SIC code industry profit margin (EBIT/Sales)
winsorized at 1% as a percentile rank

Research and development yearly expense over total assets
Weighted average firm Herfindahl Index using segment sales at
the 3-digit SIC code level

Within-firm sales-weighted three-digit segment SIC code indus-
try sales market share as a percent rank, scaled to 0-100
Standard deviation of monthly market-adjusted returns over the
36 months before the management forecast

(Continues on the next page.)
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Variable Definition

Size Log of total yearly assets

NegFEarn Dummy variable equal to 1 if earnings for a given period are
negative

NegEarnG  Dummy variable equal to 1 if earnings growth (the difference in
earnings) is negative

ROFE Return on equity, calculated as earnings over book equity, win-
sorized at 2%

LitInd Dummy equal to 1 if the firm is in an industry that is prone to
litigation: SIC=2833 2836, 8731 8734, 3570 3577, 7370 7374,
3600 3674, and 5200 5961

NumEst Number of analyst with active estimates before the release of
the management forecast

Dispersion  Standard deviation of active estimates before the release of the
management forecast winsorized at 1%

RegFD Dummy variable equal to 1 if the management forecast date is
after October 23, 2000

SFAS131 Dummy variable equal to 1 if the subject fiscal period end of
the forecast is after December 15, 1998

PSDIV For each firm and three-digit SIC code industry, the sales-
weighted average proportion of sales coming from diversified
firms excluding the subject firm

MinInt Minority interest dummy indicating whether the firm has ...
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Appendix B Additional Variable Definitions

Specificity Definition

SPECIFICITY  VALUE RULE

Point 4 Number estimate given with no qualifications
such as “greater than,” “less than,” “no more
than,” or “at least.”

Range 3 Provides both ends of estimate interval, usually
with “between”

Open-interval 2 Number estimate given with some indication

that the forecast is unbounded at one end

Qualitative 1 All remaining forecasts

Excess Value Definition

To calculate excess value (EV) I use the following formulas (Berger and Ofek, 1995,
page 60):

I(V) = iAIi * (]'"'di(ﬁ)mf)

i=1

EV =In(V/I(V))

where

(V) = imputed value,

vV = firm total capital (market value of equity at the end of the calendar
year t plus book value of debt at the end of the firm fiscal year t),

Al = accounting item (sales at the end of the firm fiscal year t),

P ndi(,TV,-),,l ; = ratio of total capital to an accounting item for the median focused firm
in the same industry as segment ¢,

n = the number of segments in segment i’s firm at the end of the firm fiscal
year t.

The matched segment median value comes from the finest SIC code level (2-, 3-, or
4-digit) with at least five focused firms.
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Table 1: Descriptive Statistics- Full FirstCall Sample

The following table provides summary statistics for annual and quarterly carnings forecasts for from
the FirstCall Company Issued Guidelines database tabulated by the fiscal year at the time of the
forecast. The data represent companics’ forecasts of earnings per share for U.S. common stock in
U.S. dollars. Each column heading has the statistic measured above the variable name. N Forecast
is the number of forecasts per firin per fiscal year.

Panel A: Aunual Forecasts Panel B: Quarterly Forecasts
Fiscal Count Count Mean Count Count Mean
Year  Forecasts Firms NForecast Forecasts Firms NForecast
1994 45 42 1.1 162 147 1.2
1995 271 217 1.5 500 426 1.3
1996 457 359 1.6 1,039 813 1.6
1997 685 509 1.8 1,517 1,123 1.7
1998 1,245 776 2.3 2,425 1,551 2.1
1999 1,767 1,017 2.6 2,997 1,767 24
2000 1,776 1,004 2.7 3,016 1,759 2.5
2001 3,438 1,452 3.8 5,432 2,143 41
2002 4,500 1,446 4.7 5,363 1,837 4.8
2003 4,987 1,463 5.0 5,053 1,546 5.9
2004 5,976 1,546 5.1 5,052 1,469 5.6
2005 5,396 1,397 5.3 4,503 1,280 5.6
2006 5,617 1,443 5.3 4,293 1,243 5.3
2007 5,334 1,358 5.2 3,766 1,080 5.2
2008 5,090 1,143 5.9 3,208 909 5.2

Total 46,184 15,172 4.72 48,416 19,083 4.46




Table 2: Descriptive Statistics— Test Sample

The following table provides summary statistics for annual company issued earnings per share forecasts for the sample meeting screening requirements
tabulated by fiscal year at the time of the forecast. Panel A provides results for single-segment (“focused™) firms, and Panel B provides results for
multiple-segment ( “diversified”) firms. The data represent forecasts of earnings per share for U.S. common stock in U.S. dollars. Each column heading
has the statistic measured above the variable name. “Nonforeasting” indicates that a firin is not present in the FirstCall Company Issued Guidance

database, but it is present in Compustat. N Forecast is the number of forecasts per firm per fiscal year.

Panel A: Focused Firms

Panel B: Diversified Firms

Fiscal Count Count Count Mean Count Count Count Mean
Year Nonforecasting Forecasts Firms NForecast Nonforecasting Forecasts Firms N Forecast
1994 4,721 26 24 1.2 941 8 8 1.0
1995 5,071 143 122 1.3 915 44 32 1.9
1996 5,062 273 219 1.5 828 71 57 1.6
1997 4,698 415 mn 1.7 782 76 58 1.7
1998 3,806 507 351 1.9 1,012 290 158 2.8
1999 3,353 545 349 2.2 1,014 404 214 2.9
2000 3,318 620 369 2.7 965 462 245 2.9
2001 2,522 1,245 593 3.2 709 786 330 3.4
2002 2,106 1,556 949 4.4 595 959 294 4.6
2003 2,214 1,961 610 4.8 631 1,069 297 5.0
2004 2,123 2,364 682 4.8 616 1,216 309 5.2
2005 2,159 2,206 593 5.1 618 1,254 285 5.7
2006 2,043 2,321 620 4.9 563 1,303 298 5.5
2007 1,972 2,244 588 4.8 575 1,210 268 5.5
2008 1,702 2,130 500 5.4 500 1,309 277 6.0
Totals 46,870 18,556 6,480 4.4 11,264 10,461 3,130 4.9

¢S



Table 3: Correlation Matrix of Proprietary Cost Measures

This table shows the Pearson correlation coefficients for the various proprietary cost proxies considered. The data span 1994-2008 and are derived
from Compustat firm- and segment-level databases. Variables are described in A. The lower triangle shows the correlations coefficients using a pairwise
method, while the upper triangle shows the cocfficients using a list-wise method. Subscripts indicate the fiscal year of imeasurement. Superscript stars
indicate statistically significant correlations at the levels provided in the legend below the table.

Industry-Level Firm-Level Scgment-Based
Conc4Firm HI SpeedAd;j MB MShare  PMargin RD HIwtd  MShareSeg

Conc4Firm 0.851***  -0.203***  -0.153*** -0.035** -0.001 -0.264***  0.622***  0.298***
HI, 0.851*** -0.170***  -0.113*** -0.028*** -0.002 -0.196***  0.620***  0.265***
Speed Ady, -0.203*** -0.162*"* 0.142***  0.030"**  0.010** 0.244***  -0.164*** -0.091*"*
M B, -0.152%** -0.109***  0.144*** 0.029***  0.074***  0.242***  -0.136™* -0.029°***
M Share, -0.025"*~ -0.020***  0.024***  0.029*** 0.394***  -0.113*** -0.030*** 0.272***
PAlargin, 0.002 -0.002 0.005 0.074***  0.371*** -0.185***  0.001 0.091~**
RD, -0.224*** -0.162***  0.210*** 0.239***  -0.107*** -0.153*** -0.200***  -0.117***
HIwtd, 0.622*** 0.665°**  -0.153***  -0.129*** -0.021*** 0.003 -0.169*** 0.540***

AfShareSeg, 0.303"** 0.361°**  -0.082***  -0.030*** 0.263***  0.084***  -0.101°"* 0.597"**
“Pp<.10." p<.05 " p<.0l




Table 4: Forecasting Status Summary Statistics

This table presents statistics for variables of interest by forecasting status for the firm-level sample
for the fiscal years 1994-2008. A firm is considered “Nonforecasting” in a particular fiscal year if it
is not represented in the FirstCall Company Issued Guidance database. For each of the variables
in the first column, the second and third columns contain the mean on the upper row and the
standard deviation on the lower row in parentheses. Variables are described in A. The “Diff.”
column indicates the difference between Nonforecasting and Forecasting firin means, and asterisks
indicate if the difference is significant at the 10% (*), 5% (**), or 1% (***) level. Subscripts indicate
the fiscal year of measurement.

Nonforecasting, Forecasting,

N N Total
Multi, =0 46,870 11,754 58,624
Multi, =1 11,264 4,690 15,954
Mean/(sd) Mean/(sd)  Diff. N

Multi, 0.194 0.285 -0.091*** 74,578
(0.395) (0.452)

Entropy, 0.120 0.179 -0.059%** 74,578
(0.285) (0.334)

HI, 0.150 0.158 -0.008*** 74,578
(0.137) (0.143)

Speed Adj, 0.526 0.550 -0.024*** 74,351
(0.313) (0.305)

PMargin, 0.479 0.573 -0.094*** (8,345
(0.306) (0.278)

RD, 0.066 0.052 0.014*** 74,555
(0.193) (0.091)

H Iwtd, 0.122 0.125 -0.003*** 74,578
(0.132) (0.132)

MB, 0.797 0.796 0.001 65,465
(1.120) (0.862)

EarnVol, 0.056 0.032 0.024*** 51,568
(0.131) (0.075)

Volatility, 0.165 0.142 0.023*** 44,666
(0.107) (0.081)

Size, 4.586 6.152 -1.565*** 74,555
(2.235) (1.720)

NegFarn, 0.419 0.278 0.141*** 74,578
(0.493) (0.448)

NegEarnG, 0.390 0.433 -0.043*** 74,578
(0.488) (0.496)

ROE, -0.248 -0.043 -0.205*** 71,869
(0.830) (0.541)

LitInd, 0.328 0.390 -0.062*** 74,578
(0.461) (0.475)

NumEst, 3.469 6.212 S2.7T43%** 47,420
(4.296) (5.723)

Dispersion, 0.108 0.066 0.042*** 33,984

(0.215) (0.147)
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Table 5: Forecast Issuance Multi-segment

This table contains the coeflicients from a logistic regression where the binary outcome is whether or
not a firm issued a management forecast in a given fiscal year. Duta for management forecasts are
derived from the FirstCall Company Issued Guidance database for the time period 1994 2008. Each
column heading indicates the proprietary cost measure PC used in cach model. Other variables are
described in A. The parentheses contain z-statistics adjusted for firm clustering.

HI SpeedAdj RD Hlwtd MShareSeg
Multi, 0.304**=  0.283***  0.294***  0.305***  0.296***  0.306**"
(8.61) (8.19) (8.41) (8.75) (8.46) (8.52)
PC, 0.977***  0.454***  -1.117*** 0.814***  1.130***
(8.97) (7.96) (-2.93) (5.03) (5.18)
MB, -0.104**  -0.0984** -0.134***  -0.0777 -0.0947**  .0.113***
(-2.41) (-2.25) (-3.17) (-1.57) (-2.16) (-2.64)
FEarnVol, 0.0439 0.0836 -0.00639  0.142 0.0819 0.0688

(0.14) (0.27) (-0.02)  (0.43) (0.26) (0.22)
Volatility, 2.804**  2.980***  3.021°°  2.846*"  2.938**  2.934**

(2.42) (2.59) (2.60) (2.43) (2.55) (2.56)
Size, 0.134***  0.128***  0.161**~  0.118***  0.131***  0.106***

(4.26) (4.05) (5.25) (3.68) (4.07) (3.05)
NegEarn, -0.395°*  -0.379"**  -0.403"**  -0.358"** -0.379**"  -0.388"**

(-4.83)  (-4.67)  (-4.90) (-4.66)  (-4.73)  (-4.79)
NegEarnG,  0.356***  0.352"**  0.351"**  0.350***  0.356***  0.358***
(4.36) (4.30) (4.32) (4.38) (4.35) (4.40)

ROE, 0.156***  0.160***  0.163***  0.103"**  0.160***  0.160***
(3.38) (3.40) (3.44) (2.82) (3.42) (3.45)

LitInd, 0.248"**  0.200"**  0.225***  0.310°**  0.283"**  0.273**"
(6.61) (6.51) (6.14) (6.13) (6.38) (6.48)

NumEst, 0.0253***  0.0280*** 0.0244***  0.0268"** 0.0270*** 0.0283***

(3.71) (4.07) (3.66) (3.84) (3.84) (3.96)
Dispersion,  -1.511*** -1.470"**  .1.513***  .1.480"** -1.486™* -1.473***
(-7.35)  (-7.39)  (-7.56) (-743)  (-7.38)  (-7.30)

Constant -1.463***  -1.640"**  -1.856°**  -1.378"** .1.507***  .1.304**-
(-3.34)  (-3.77)  (-4.32) (-3.10)  (-3.68)  (-3.10)
N 22694 22694 22629 22694 22694 22694

Pseudo R? 0.0392 0.0421 0.0428 0.0405 0.0409 0.0423
Log likelihood -15103.4  -15058.9  -15004.0  -15083.5 -15077.3  -15054.7

*p<.10," p<.05 **t p<.0l
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Table 6: Forecast Issuance  Entropy

This table contains the coefficients from a logistic regression where the binary outcome is whether or
not a firm issued a management forecast in a given fiscal year. Data for management forecasts are
derived from the FirstCall Company Issued Guidance database for the time period 1994 -2008. Each
column heading indicates the proprictary cost measure PC used in each model. Other variables are
described in A. The parentheses contain z-statistics adjusted for firm clustering.

HI SpeedAdj RD Hlwtd MShareSeg
Entropy, 0.345***  0.310***  0.333™**  0.353***  0.341°**  0.354"***
(4.87) (4.37) (4.72) (5.05) (4.85) (4.96)
PC, 0.979** 0.458*** -1.152***  0.839™** 1.1417**
(9.13) (8.00) (-3.01) (5.22 (5.25)
MB, -0.109**  -0.103**  -0.139***  -0.081G -0.0990*  -0.117°**
(-2.50)  (-2.33)  (-3.27) (-1.64)  (-2.24)  (-2.73)
EarnVol, 0.0359 0.0768 -0.0146 0.136 0.0752 0.0607

(0.11) (0.25) (-0.05) (0.41) (0.24) (0.20)
Volatility, 2.844"*  3.014***  3.062***  2.880**  2.981***  2.977***
(2.46) (2.63) (2.64) (2.47) (2.60) (2.60)

Size, 0.136*>*  0.130***  0.162"**  0.119°**  0.132***  0.107***
(4.08) (3.91) (5.00) (3.49) (3.88) (2.91)
NegEarn, -0.399°**  -0.383"**  -0.406*** -0.3G1*** -0.382*** -0.392""*

(-4.82)  (-4.67)  (-4.90) (-4.65)  (-4.73)  (-4.78)
NegEarnG,  0.356**  0.352"*"  0.351°**  0.358°**  0.355***  0.358"""
(4.35) (4.28) (4.30) (4.37) (4.33) (4.39)

ROE, 0.157***  0.160***  0.164***  0.102"**  0.161***  0.161***
(3.39) (3.42) (3.47) (2.80) (3.44) (3.47)

LitInd, 0.237***  0.287"**  0.214"**  0.301***  0.273***  0.263""*
(6.03) (6.10) (5.52) (5.78) (5.93) (5.97)

NumEst, 0.0252°"*  0.0278"**  0.0243"**  0.0268"** 0.0270*** 0.0283"**

(3.60) (3.94) (3.54) (3.74) (3.74) (3.85)
Dispersion,  -1.521"**  -1.480"**  -1.523"**  -1.498"** -1.496** -1.483"""
(-7.43)  (-746)  (-7.64) (-7.51)  (-7.45)  (-7.43)

Constant -1.4d45%" 1625 -1.841"**  -1.356***  -1.582"** -1.374***
(-3.260)  (-3.68)  (-4.23)  (-3.01)  (-3.60)  (-3.02)
N 22694 22694 22629 22694 22694 22694

Pscudo R? 0.0384 0.0412 0.0420 0.0397 0.0402 0.0416
Log likelihood -15116.5 -15072.0 -15016.2  -15095.4  -15088.7  -15066.6

Tp<.10,"p<.05 **p<.01
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Table 7: Excess Value on Diversification and Disclosure Ranking

Tle following table presents results from an ordinary least squares regression with the dependent
variable of firm excess value as described in B. Each super-column heading indicates the disclosure
measure used in the various nodels. Disc, indicates the percentile rank within three-digit SIC code
industry of the yearly disclosure measure in the super-column. Firm fixed effects are included in
each model. Other control variables are described in A. Data for management forecasts are derived
from the FirstCall Company Issued Guidance database over the period 1994-2008. Standard errors
are clustered by firn, and resulting t-statistics are presented in parentheses.

NForecast Lead Spec Error abs(Error)
Multi, -0.0750"  -0.0326 -0.0310 -0.0571***  -0.0654*"*
(-3.52) (-1.62) (-1.39) (-2.73) (-3.04)
Disc, -0.00722 0.110°"" 0.107"*" -0.0206 -0.0952***
(-0.28) (4.93) (4.26) (-0.84) (-3.84)
MultiXDiscy 0.126**" 0.0298 0.0282 0.0796** 0.101**~
(2.99) (0.83) (0.67) (2.09) (2.64)
Size, 0.0457***  0.0440***  0.0467*=*  0.0429***  0.0414***
(8.75) (8.45) (9.02) (7.67) (7.40)
Invest, 0.467~* 0.460*** 0.467*** 0.501*** 0.499***
(9.61) (9.48) (9.58) (8.36) (8.31)
EBIT, -0.0244***  -0.0242***  -0.0244*** -0.0155 -0.0183
(-3.11) (-3.11) (-3.11) (-1.34) (-1.60)
Leverage, -0.202***  -0.186*"* -0.197**  -0.218** -0.222"**
(-4.59) (-4.26) (-4.49) (-4.63) (-4.72)
Constant -0.262***  -0.303***  -0.317***  -0.234***  -0.193"*"
(-8.64) (-9.91) (-10.35) (-6.78) (-5.56)
N 13674 13674 13671 11678 11678
Adj. R? 0.0441 0.0473 0.0457 0.0371 0.0386

<10, p<.05, 7 p<.0l
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Table 8: Propensity to Provide Management Forecast Matched Sample

This table contains the coefficients from a logistic regression wlere the binary outcome is whether or
not a firm issued a management forecast in a given fiscal year. MATCHING... Data for manageiment
forecasts are derived from the FirstCall Company Issued Guidance database for the time petiod
1994-2008. Each column heading indicates the proprietary cost measure PC used in each model.
Other variables are described in A. The parentheses contain z-statistics adjusted for firin clustering.

HI SpecdAdj RD Hlwtd MShareSeg
Multi, 0.313***  0.294**  0.302***  0.313***  0.305***  0.313***
(8.46) (8.12) (8.10) (8.59) (8.37) (8.44)
PC, 0.876***  0.440***  -1.190*** 0.746***  1.068**"
(9.06) (7.15) (-2.95)  (4.99) (4.98)
MB, -0.111**  -0.105**  -0.138***  -0.0824 -0.102**  -0.119***
(-2.52) (-2.30) (-3.18) (-1.62) (-2.30) (-2.74)
EarnVol, -0.0541 -0.0186 -0.0784 0.0486 -0.0202 -0.0336

(-017)  (-0.06)  (-0.24) (0.14) (-0.06)  (-0.11)
Volatility, 2.866™  3.025'**  3.017***  2.015°* 2087  2.003***
(2.46) (2.62) (2.64) (2.47) (2.58) (2.60)

Size, 0.132***  0.127***  0.158***  0.114"**  0.120""*  0.106"*
(4.59) (4.38) (5.69) (3.99) (4.41) (3.35)
NegEarn, -0.371***  .0.357***  -0.384™**  -0.331***  -0.357**  -0.366***

(-4.44)  (-4.30)  (-4.59) (-4.2d)  (-4.36)  (-4.40)
NegEarnG,  0.358***  0.355***  0.354***  0.361**  0.358"**  0.360**
(4.56) (4.50) (4.53) (4.58) (4.54) (4.59)

ROE, 0.158**  0.160°**  0.158***  0.103***  0.161***  0.161**"
(3.21) (3.23) (3.13) (2.67) (3.25) (3.28)

LitInd, 0.218"*  0.263***  0.103***  0.282***  0.250"**  0.242**"
(5.15) (5.33) (4.68) (5.47) (5.21) (5.19)

NuinEst, 0.0266***  0.0290*** 0.0252***  0.0282"** (.0282*** 0.0295°*

' (3.99) (4.29) (3.86) (4.13) (4.08) (4.19)
Dispersion, ~ -1.513"*  -1.476°*  -1.490***  .1.488*** -1.401*** -1.470***
(-7.66)  (-7.71)  (-7.69) (-7.70)  (-7.67)  (-7.65)

Constant -1.432%*% .1.5027*"  .1.802"**  -1.338*"*  .1.554***  _1.368"""
(-347)  (-3.86)  (-4.49) (-3.21)  (-3.79)  (-3.23)
N 21817 21817 21817 21817 21817 21817

Pseudo R? 0.0384 0.0406 0.0412 0.0398 0.0397 0.0411
Log likelihood  -14537.7  -14503.5  -14494.5  .14516.2  -14517.4  -14497.4

*p<.10," p<.05 " p<.0l




Table 9: Forecast Issuance with Instrumented Entropy

This table duplicates the tests in Table 6 with added consideration for the endogeneity of the
level of diversification of the finn, Entropy. The coefficients from a probit regression where the
binary outcome is whether or iiot a firm issued a management forecast in a given fiscal year using
instrumentation for Entropy are presented below. Data for management forecasts are derived from
the FirstCall Company Issued Guidance database for the time period 1994-2008. Each column
heading indicates the proprietary cost measure PC used in cach model. Other variables are described
in A. The parentheses contain :-statistics adjusted for firm clustering.

HI SpeedAdj RD HIwtd MShareSeg
Entropy, 0.363** 0.220 0.186 0.462**" 0.434***  0.413***
(2.20) (1.26) (1.00) (2.97) (2.92) (2.67)
PC, 0.631***  0.285""" -0.734***  0.490***  0.693***
(7.12) (7.37) (-3.22)  (4.19) (5.22
M B, -0.0750*** -0.0711*  -0.0936*** -0.0573" -0.0693** -0.0801***
(-2.74) (-2.53)  (-3.42) (-1.84)  (-248)  (-2.98)
EarnVol, ~0.0463 -0.0199 -0.0613 0.0284 -0.0244 -0.0353
(-0.22 (0.09)  (-0.29) (0.13) (-0.12)  (-0.17)
Volatility, 1.682*** 1.765*** 1.778*** 1.714**~ 1.763**~ 1.759***
(2.67) (2.83) (2.79) (2.70) (2.84) (2.83)
Size, 0.0612***  0.0665*** 0.0905***  0.0424**  0.0532*** 0.0409**
(3.45) (3.59) (4.79) (2.46) (2.96) (2.12)
NegEarn, -0.260***  -0.249™**  -0.265***  -0.233**"  -0.249***  -0.254*"*

(-4.43) (-4.31)  (-4.48) (-4.22 (-4.37)  (-4.40)
NegEarnG,  0.214***  0.211***  0.212***  0.215***  0.213***  0.215***

(4.83) (4.70) (4.78) (4.85) (4.80) (4.88)
ROE, 0.0955***  0.0961*** 0.0978"**  0.0608***  0.0984***  0.0981*"*
(3.31) (3.27) (3.32) (2.66) (3.37) (3.38)
LitInd, 0.153***  0.175***  0.126***  0.202***  0.180***  0.170"*"
(6.93) (6.62) (5.77) (6.69) (6.37) (6.59)
NumEst, 0.0103***  0.0196*** 0.0171***  0.0214*** 0.0211"*" 0.0215***
(5.87) (6.13) (5.55) (6.49) (5.97) (6.11)

Dispersion,  -0.857°**  -0.845** -0.872"**  -0.839°** -0.830*** .0.836""
(-7.16) (-7.27)  (-7.43) (-7.15)  (-7.28)  (-7.21)

Constant -0.785***  -0.919*** -1.062***  -0.706***  -0.849***  -0.734°**
(-3.23) (-3.73) (-4.30) (-2.86) (-3.53) (-2.93)
athrho -0.0485 -0.0114  0.00226 -0.0764*  -0.0703*  -0.0617
(-1.07) (-0.24) (0.04) (-1.79) (-1.75) (-1.48)
Insigma -1.250"*  -1.252"*"  -1.249***  -1.250***  -1.251*** -1.250***
(-98.98) (-98.94)  (-98.67) (-98.84)  (-98.46)  (-99.22
N 19996 19996 19932 19996 19996 19996

Log likelihood -16G95.3 -16625.6  -16614.5 -16672.2  -16667.5  -16653.6

2 statistics in parentheses
"p<.10, " p< .05 ***p<.01




Table 10: Forecast Issuance--Regulation Fair Disclosure

This table duplicates the tests in Table 5 with an additional control for forecasts occurring after
RegFD. RegFD is a duminy variable indicating the period after Reg FD. An “X” between variable
names indicates an interaction term. The control variables from Table 5 have been included when
identification is possible, but their coefficients are not shown for brevity.

HI SpeedAdj RD HIwtd MShareSeg
Multi, 0.171 0.157 0.162 0.179 0.169 0.174
(1.56) (1.43) (1.47) (1.64) (1.54) (1.56)
PC, 0.764***  0.385***  -1.231*** 0.665***  1.155°**
(5.70) (5.93) (-3.17) (3.61) (5.11)
RegFD 0.791***  0.776***  0.779***  0.799***  0.785***  0.793***
(3.00) (3.03) (3.04) (3.11) (3.06) (3.07)
MultiXReyFD 0.176 0.171 0.177 0.165 0.169 0.174
(1.48) (1.43) (1.50) (1.40) (1.43) (1.44)
M B, -0.0827*  -0.0783 -0.109** -0.0532 -0.0750 -0.0908*
(-1.68) (-1.58) (-2.18) (-0.98) (-1.51) (-1.806)
FEarnVol, 0.111 0.142 0.0682 0.211 0.143 0.137
(0.31) (0.40) (0.18) (0.56) (0.40) (0.38)
Volatility, 1.807***  1.959***  1.998*** 1.845™**  1.921***  1.934™*"
(2.96) (3.25) (3.22) (3.00) (3.21) (3.22
Size, 0.0992***  0.0949** 0.122***  0.0811*** 0.0966*** 0.0703***
(5.14) (4.84) (6.83) (4.03) (4.85) (3.12)
NegFEarn, -0.444***  -0.430***  -0.448***  -0.404*** -0.430***  -0.437*""

(-5.10)  (-5.03)  (-5.09) (-4.04)  (-5.09)  (-5.06)
NegEarnG, 0.368***  0.365***  0.363"*  0.370**  0.367*"*  0.370"*"
(4.68) (4.61) (4.66) (4.70) (4.66) (4.73)

ROE, 0.195"**  0.197"**  0.201***  0.134***  0.197"*  0.199"**
(3.89) (3.90) (3.97) (3.20) (3.92) (3.96)
LitInd, 0.237***  0.276***  0.219"**  0.305"**  0.265"**  0.261"*"
(6.55) (6.27) (6.31) (6.14) (6.19) (6.44)
NumEst, 0.0224***  0.0246*** 0.0218***  0.0241*** 0.0238*** 0.0254*"*
(3.49) (3.73) (3.49) (3.63) (3.55) (3.73)
Dispersion, -1.536"*  -1.502***  -1.539"**  -1.511*** .1.515*** .1.49G***
(-6.28)  (-6.35)  (-6.50) (-6.33)  (6.32)  (-6.27)
Constant -1.604°**  -1.738°*  -1.935"*  -1.511*** -1.711*** .1.533"*
(-4.53)  (-4.92)  (-5.55) (-4.33)  (-4.85)  (-4.24)
N 29693 22693 22628 22693 22693 22693
Pscudo R? 0.0651 0.0667  0.0678 0.0666  0.0661 0.0682

Log likelihood -14696.4  -14670.2  -14611.1  -14673.1  -14679.6  -14648.0

z statistics in parentheses
*p<.10,* p<.05 " p<.01




Table 11: Summary Statistics by Periodicity and Diversification Status

This table presents statistics for more granular measures of management forecasts using a
forecast-level sample for fiscal years 1994 2008. The left panel of the table shows statistics for
quarterly earnings forecasts, while the right panel shows statistics for annual earnings forecasts.
Variables are described in A. Each panel is further divided by diversification status. A firm is
considered “focused” if it reports only one business segment and “diversified” if it reports more
than one business segment. For each variable by periodicity and diversification status, the mean is
on the upper row and the standard deviation on the lower row in parentheses. The “Diff.” column
indicates the difference between Focused and Diversified firm means, and asterisks indicate if the
difference is significant at the 10% (*), 5% (**), or 1% (***) level. Subscripts indicate the fiscal
year of measurement.

Quarterly Annual
Focused;  Diversified, Focused, Diversified,
Mean/(sd) Mean/(sd) Diff. N Mean/(sd) Mean/(sd) Diff. N
N Forecast, 6.725 7.961 -1.236*** 35,668 7.368 7.984 -0.616*** 29,015
(5.482) (6.776) (4.875) (5.373)
Lead, 49.249 50.980 -1.731%% 35,668 210.538 211.300 -0.762 29,015
(64.580)  (62.016) (135.078)  (134.251)
Specy 2.986 2.963 0.023*** 35,661 3.052 3.045 0.006 29,013
(0.779) (0.736) (0.626) (0.559)
Error, 0.354 0.270 0.084*** 31,718 1.131 1.086 0.045 26,993
(2.297) (1.886) (3.253) (3.039)
|Error| 0.751 0.637 0.114*** 31,718 1.752 1.720 0.032 26,993
(2.199) (1.795) (2.966) (2.731)
HI, 0.146 0.185 -0.039*** 35,668 0.173 0.209 -0.036*** 29,015
(0.133) (0.148) (0.161) (0.173)
Speed Adj, 0.547 0.515 0.032*** 35,606 0.602 0.541 0.060*** 28,984
(0.296) (0.201) (0.306) (0.304)

(Table continues on the next page.)
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Table 11: (continued)

Quarterly Annual
Focused,  Diversified, Focused,  Diversified,
Mean/(sd) Mean/(sd) Diff. N Mecan/(sd) Mean/(sd) Diff. N
PAlargin, 0.592 0.590 0.002 31,661 0.635 0.619 0.016*** 26,687
(0.275) (0.266) (0.267) (0.263)
RD, 0.057 0.027 0.030*** 35,663 0.041 0.021 0.020*** 29,009
(0.090) (0.049) (0.073) (0.035)
HIwtd, 0.120 0.157 -0.037*** 35,668 0.142 0.170 -0.027*%%* 29,015
(0.141) (0.149) (0.162) (0.156)
M By 0.841 0.740 0.101*** 32,927 0.989 0.799 0.191*** 26,960
(0.844) (0.775) (0.854) (0.721)
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Table 12: Forecast Lead— Multi-segment

The following table presents results from an ordinary least squares regression of the lead time of a forecast (Lead) on the multi-segment indicator (Afulti) and other control
variables for the period 1994-2008. Other variables are described in A. Data for management forecasts are derived from the FirstCall Company Issued Guidance database. Each
super-column heading indicates the periodicity of the forecasts and each column headiag indicates the proprietary cost measure PC used in cach model. All models include
firm fixed effects. Standard errors are clustered by firm with ¢-statistics in parentheses.

Annual Forecasts

Quarterly Forecasts

HI PMargin  RD Hiwtd MShareSeg HI PMargin RD Hlwtd MShareSeg
Alultiy -2.841 -2.820 -2.857 -2.824 -2.809 -2.550 2.167 2.122 2.219 2.159 2.232 2.220
(-0.53) (-0.53) (-0.53) (-0.53) (-0.52) (-0.47) (0.69) (0.68) (0.71) (0.69) (0.70) (0.72)
PC, -9.886 6.231 -13.42 -3.782 17.52 22.44" 4.190 1.519 -7.467 9.657
(-0.50) (0.33) (-0.26) (-0.19) (0.80) (1.78) (0.35) (0.03) (-0.71) (0.65)
M B, 6.437°" 6.350"" 6.559°** 6.475°" 6.430°* 6.397°° 3.662°°* 3.710°°* 3.658°"* 3.659°"° 3.689*"* 3.622***
(2.19) (2.15) (2.24) (2.19) (2.19) (2.18) (3.01) (3.05) (3.00) (2.96) (3.06) (2.95)
EarnVol, -31.94° -31.97* -31.88° -31.13° -32.03° -31.70° -13.18 -12.90 -12.93 -13.23 -13.24 -13.15
(-1.91) (-1.90) (-1.90) (-1.86) (-1.91) (-1.89) (-1.15) (-1.12) (-1.11) (-1.17) (-1.16) (-1.15)
Volatility. 215.5°*" 245.44** 245.9°°° 245.0°°° 245.0°°° 247.3*°° 25.28" 25.23* 25.62"° 25.38° 24.43* 26.06"
(7.41) (7.42) (7.42) (7.38) (7.34) (7.46) (1.68) (1.69) (1.70) (1.68) (1.66) (1.67)
Sizey 11.337° 11.50** 11.52** 11.16** 11.40°* 11.08** 17.32°°* 17.06°** 17.18*"7 17.35*"* 17.43** 17.22°**
(2.44) (2.18) (2.47) (2.38) (2.47) (2.40) (9.09) (8.99) (9.02) (8.52) {9.16) (9.01)
NegEarn 3.935 41.039 3.829 4.097 3.993 3.772 -4.1417* -4.214°" -4.262*" -4.155°"° -4.082°* -4.163°°
(0.83) (0.85) (0.81) (0.85) (0.85) (0.80) (-2.07) (-2.10) (-2.12) (-2.11) (-2.04) (-2.07)
NegEarnG; 0.615 0.577 0.629 0.664 0.596 0.634 -0.383 -0.346 -0.280 -0.386 -0.424 -0.363
(0.30) (0.28) (0.31) (0.33) (0.29) (0.31) (-0.30) (-0.27) (-0.22 (-0.31) (-0.34) (-0.29)
ROE, -1.536 -1.513 -1.696 -1.600 -1.514 -1.723 6.018*** 6.128*"* 6.067"*"* 6.038*"* 6.023°=* 5.993°*
(-0.27) (-0.26) (-0.29) (-0.28) {-0.26) (-0.30) (3.15) (3.20) (3.16) (2.96) (3.15) (3.14)
LitInd, 36.23** 35.22°° 36.12°° 36.23°" 36.05°° 36.72°" 14.53* 16.84** £4.28° 11.53* 1.4.34° 1.1.63°
(2.08) (1.99) (2.08) (2.07) (2.07) (2.11) (1.72) (2.00) (1.69) (1.72) (1.70) (1.73)
NumkEst, -2.489°°%  -2.488°**  -251d°*°  .2.484°°"  -2.487*7°  -2.494**° -2.028*""  -2,033°** -2,007°°* -2.028°°° .2,023"°°*  .2.932°°"
(-3.96) (-3.93) (-3.98) (-3.97) (-3.95) (-3.97) (-9.77) (-9.76) (-9.69) (-9.90) (-9.76) (-9.75)
Dispersion,  388.7°"° 388.9°°* 388.6°°* 388.7°"* 388.8°"* 388.5°°" 131.6"*" 131.2°** 131.6***° 131.6°°* 131.8°°* 131.5**"
(8.11) (8.10) (8.10) (8.10) (8.10) (8.10) (4.85) (4.86) (4.85) (4.86) (4.85) (4.85)
Constant 84.12°° 85.17°° 79.21°* 85.66°"* 84.31°" 83.75°° -58.69*°**  -61.52** -60.07°** .58.98°°°*  .58.34°°*  -58.9]"**
(2.51) (2.51) (2.34) (2.51) (2.50) (2.50) (-4.36) (-1.52) (-3.99) (-3.77) (-1.32) (-4.37)
N 20569 20569 205418 20569 20569 20569 23353 23353 23324 23353 23353 23353
Adj. R? 0.118 0.118 0.118 0.118 0.118 0.118 0.317 0.317 0.318 0.317 0.317 0.317

"p<.0, T p< Uy, T p< Ul
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Table 13: Forecast Lead- —Industry Adjusted

The following table presents results from an ordinary least squares regression of the industry adjusted lead time of a forecast (Lead) on the multi-segment indicator (Afulti) and
other control variables for the period 1994~2008. Other variables are described in A. Data for management forecasts are derived from the FirstCall Company Issued Guidance
database. Each super-column heading indicates the periodicity of the forecasts and cach column heading indicates the proprictary cost measure PC used in each model. All
models include firm fixed effects. Standard errors are clustered by firm with t-statistics in parentheses.

Annual Forecasts Quarterly Forecasts
HI Phfargin = RD Hiwtd MShareSeg HI PMargin @ RD Hlwtd MShareScg
Alulty, -0.268 -0.258 -0.298 -0.233 -0.0623 -0.615 1.347 1.366 1.437 1.589 1.422 1.321
(-0.06)  (-0.06) (-0.06) (-0.05) (-0.01) (-0.13) (0.58) (0.59) (0.62) (0.68) (0.61) (0.56)
PC, -5.104 -9.521 -12.05 -24.44°° -20.93* -9.088 -7.510 -47.07 -8.497 -4.688
(-0.36) {-0.58) (-0.24)  (-217)  (-1.83) (-0.80)  (-0.67) (-0.98) (-0.63)  (-0.40)
A By 3.636 3.590 3.721 3.669 3.591 3.684 2.706"° 2.686"* 2,745 2.780** 2.737** 2.725**
(1.58) (1.56) (1.63) (1.59) (1.56) {1.60) (2.43) (2.42) (2.47) (2.15) (2.46) (2.45)
Larnl’ol; -20.35 -20.37 -20.70 -19.63 -20.94 -20.64 7.265 7.152 6.493 8.912 7.190 7.252
(-1.29)  (-1.29) (-1.32) (-123)  (-1.33)  (-1.31) (0.72) (0.71) (0.65) (0.91) (0.71) (0.72)
Volatility, -12.11 -12.20 -11.74 -12.59 -15.33 -14.20 -1.170 -1.160 -0.936 -1.386 -2.133 -1.551
(-047)  (-0.47) (-0.45) (-0.49)  (-0.59) (-0.55) (-0.10) (-0.10) (-0.08) (-0.36) (-0.18)  (-0.13)
Sizey 8.081°"° 8.171°° 8.293°° 7.932°° 8.529** 8.380°"° -4.073**  -3.968**  -4.204°** -5.091°*" .3.942°*  -1.026°"
(2.26) (2.27) (2.31) (2.21) (2.38) (2.33) (-2.49)  (-2.40)  (-2.58) (-2.84) (-2.37)  (-2.44)
NegEarny 9.247°"° 9.301°" 9.048°" 9.393°" 9.628** 9.441** -2.094 -2.064 -2.195 -1.664 -2.027 -2.083
(2.35) (2.37) (2.31) {2.35) (2.45) {2.40) (-1.23)  (-1.21)  (-1.29) (-1.01) (-1.18)  (-1.22
NegEarnG; 0.246 0.227 0.303 0.291 0.125 0.223 0.326 0.311 0.459 0.429 0.279 0.317
(0.15) (0.13) (0.18) 0.17) (0.07) (0.13) (0.31) (0.30) (0.44) (0.42) (0.26) (0.30)
ROE; 0.5G5 0.577 0.571 0.508 0.707 0.788 6.632***  G6.587°°**  6.G74*"* 6.008"°"" 6.638°**  6.G11°""
(0.11) (0.12) (0.11) (0.10) (0.14) (0.16) (3.58) (3.55) (3.61) (2.88) (3.58) (3.58)
LitInd, 27.31°° 26.79°* 27.37°" 27.31°* 26.12¢ 26.73** 4.894 3.935 5.078 4.616 4.685 4.841
(2.02) (1.97) (2.00) (2.01) (1.91) (1.97) (0.80) (0.62) (0.82) (0.75) (0.76) (0.79)
NumEst, -0.241 -0.240 -0.280 -0.246 -0.230 -0.234 -0.449**  -0.446**  -0.432°* -0.434°" 0413 0447
(-0.62)  (-0.62)  (-0.71) (-0.61)  (-0.59)  (-0.60) (-2.53)  (-2.51)  (-2.45) (-2.56) (-2.50)  (-2.52)
Dispersiony  44.20°°"  44.28°"*  44.07°°° 44.16°°°  44.79***  44.19°°° 13.89° 14.08" 13.78° 14.46° 14.05° 13.95*
(5.70) (5.70) (5.69) (5.68) (5.72) (5.72) (1.80) (1.82) (1.79) (1.93) (1.81) (1.81)
Constant -67.40°*  -66.85°* -63.10°" -66.01**  -6G.14**  -66.96*" 29.45** 30.60°**  34.04°* 38.54°°° 29.85°**  29.56**°
(-2.45)  (-2.44)  (-2.23) (-237)  (-241)  (-2.44) (2.57) (2.67) (2.58) (2.74) (2.61) 2.58)
N 20569 20369 20548 20569 20569 20569 23353 23353 23324 23353 23353 23353
Adj. R? 0.415 0.415 0.415 0.415 0.415 0.415 0.547 0.547 0.550 0.547 0.547 0.547

Tp<.0,*"p<Us, T p<Ul

L9



Table 14: Specificity

Forecast Level

The fol!owing table presents r(‘su.lts from an ordered probit regression of the specificity of a forecast (Spec) on the multi-segment indicator (Afulti) and other control variables for
the perlqd 1'994—'2008. Ol:‘her' v'anables are described in A. Data for management forecasts are derived from the FirstCall Company Issued Guidance database. Each super-column
heading indicates the periodicity of the forecasts and each column heading indicates the proprictary cost measure PC used in cach model. The parentheses contain z-statistics.

Annual Forecasts

Quarterly Forecasts

HI PMargin  RD Hiwtd MShareSeg HI PMargin RD Hlwtd MShareSeg
Alultis -0.0264 -0.0265 -0.0265 -0.0260 -0.0262 -0.0286 -0.0878**  -0.0007°°* -0.0881°*  -0.0895**  -0.0887°* -0.0875""
(-0.69) (-0.70) (-0.70) (-0.69) (-0.69) (-0.76) (-2.52) (-2.60) (-2.53) (-2.56) (-2.54) (-2.51)
PC, 0.0123 0.00604 0.297 -0.148° -0.184** 0.232** 0.0346 -0.695*** 0.0613 -0.0150
(0.12) (0.09) (0.86) (-1.70) (-2.39) (2.30) (0.63) (-2.85) (0.64) (-0.17)
Al B¢ 0.0178 0.0180 0.0174 0.0119 0.0149 0.01841 0.0118° 0.0433°* 0.0395° 0.0561°* 0.0127°* 0.0118*
(0.69) (0.70) (0.67) (0.44) (0.58) (0.72) (1.94) (2.02) (1.79) (2.19) (1.98) (1.94)
EarnVol; 1.385*"* 1.386°"* 1.384*"* 1.357°°" 1.373°"" 1.373°°* 0.0615 0.0649 0.0636 0.09-44 0.0617 0.0612
(3.59) (3.60) (3.62) (3.45) (3.57) (3.57) (0.31) (0.32) (0.32) (0.47) (0.31) (0.30)
Volatility, -0.219 -0.217 -0.209 -0.227 -0.247 -0.247 -0.568" -0.520°* -0.550°* -0.506° -0.555** -0.569**
(-0.64) (-0.63) (-0.61) (-0.67) (-0.72) (-0.72) (-2.17) (-1.98) (-2.10) (-1.96) (-2.10) (-2.17)
Sizey -0.0266 -0.0267 -0.0263 -0.0248 -0.0258 -0.0208 -0.0127 -0.0146 -0.0105 -0.0185 -0.0129 -0.0123
(-1.56) (-1.55) (-1.51) (-1.45) (-1.51) (-1.21) (-0.89) (-1.01) (-0.73) (-1.27) (-0.90) (-0.85)
NegEarn, -0.0680 -0.0680 -0.0679 -0.0770 -0.0704 -0.0695 -0.110°** -0.105*"° -0.109*"* -0.0881°*  -0.108°"" -0.110°""
(-1.25) (-1.25) (-1.25) (-1.42) (-1.29) (-1.28) (-2.85) (-2.75) (-2.83) (-2.29) (-2.81) (-2.87)
NegEarnG, -0.0380 -0.0381 -0.0383 -0.0387 -0.0387 -0.0388 -0.0563**  -0.0570°" -0.0569*" -0.0551*"  -0.0559°*  -0.056.1°*
(-1.39) (-1.39) (-1.40) (-1.42) (-1.12) (-1.42) (-2.47) (-2.49) (-2.49) (-2.41) (-2.44) (-2.47)
ROE,; 0.0694 0.0692 0.0703 0.0761 0.0701 0.0710 0.0335 0.0330 0.0339 0.0151 0.0332 0.0335
(1.00) (0.99) (1.01) (1.10) (1.00) (1.02) (0.84) (0.83) (0.85) (0.37) (0.83) (0.84)
Litind, 0.0202 0.0211 0.0195 0.0116 0.0130 0.0123 0.0439 0.0539 0.0438 0.0626° 0.0.158 0.0437
(0.48) (0.50) (0.46) (0.27) (0.31) (0.29) (1.17) (1.45) (1.16) (1.65) (1.22 (1.16)
NumEst, 0.00398 0.0002 0.00398 0.00370 0.00369 0.00326 0.0104*** 0.0110*"* 0.0102***  0.0108°** 0.0105*** 0.0103***
(0.92) (0.92) (0.91) (0.85) (0.85) (0.75) (2.90) (3.03) (2.85) (3.04) (2.91) (2.88)
Dispersion, -0.331°° -0.331°° -0.330** -0.343** -0.330** -0.335°" -1.399"°* -1.396"""* -1.435°°*° -1.373** -1.398°"* -1.400°**
(-2.14) (-2.14) (-2.13) (-2.22 (-2.13) (-2.16) (-5.72) (-5.76) (-5.73) (-5.60) (-5.73) (-5.72)
Lead, -0.000162 -0.000162 -0.000162 -0.000161 -0.000165* -0.000167* 0.000181 0.000176 0.000186 0.000177 0.000180 0.000181
(-1.63) (-1.63) (-1.63) (-1.62) (-1.65) (-1.69) (0.48) (0.47) (0.50) (0.47) (0.18) (0.48)
cutl Constant  -2.074***  -2.072*""  -2.069°"° -2.066***  -2.104°"" -2.066*"* -1.693°** -1.652*** -1.660*** -1.725°%** -1.681°** -1.692**"
(15.83)  (-1581)  (-14.02)  (-15.73)  (-15.85) (-15.74) (-15.85)  (-15.63) (14.63)  (-1580)  (-15.71d)  (-15.85)
cut2? Constant  -1.719*°**  -1.717°** -L.713*** -L711*** -1.749°*" -1.712*" -1.349°°° -1.308*°* -1.317°** -1.381°°* -1.337°** -1.348%*"
(-13.28)  (-13.27)  (-11.73)  (-13.18)  (-13.37) (-13.21) (-1254)  (-12.30) (-1151)  (-12.62)  (-1247)  (-12.52)
cut3 Constant  0.807°"" 0.809°*" 0.812°°* 0.815°"" 0.777°" 0.815°°" 0.734°** 0.775*** 0.766*"* 0.703°** 0.745*** 0.734°"°
(5.95) (6.01) (5.33) (6.01) (5.68) (6.01) (6.59) (7.05) (6.44) (6.20) (6.72) (6.58)
N 20569 20569 20548 20569 20569 20569 23318 23348 23319 23348 23348 23348

Adj. R?

Tp<JAl T

p< U5 " p<.01
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The following table presents results from an ordinary
other control variables for the period 1994-2008. Other variables are described in A. Data for management forecasts are derived frov

Table 15: Specificity

Industry Adjusted

least squares regression of the industry adjusted specificity of a forecast (Spec) on the multi-segment indicator (Afults) and
n the FirstCall Company Issued Guidance

database. Each super-column heading indicates the periodicity of the forecasts and each column heading indicates the proprictary cost measure PC used in each model. All
models include firm fixed effects. Standard errors are clustered by firm with t-statistics in parentheses.

Annual Forecasts

Quarterly Forecasts

HI PMargin RD Hlwtd MShareSeg HI PMargin RD Hlwtd MShareSeg
AMulti; 0.0232 0.0234 0.0234 0.0227 0.02:42 0.0223 -0.0142 -0.0145 -0.0169 -0.0142 -0.0150 -0.0140
(0.70) (0.71) (0.71) (0.69) (0.73) (0.68) (-0.36) (-0.36) (-0.42) (-0.36) (-0.38) (-0.36)
PC: -0.121 0.0362 0.352 -0.121* -0.0556 0.123 -0.107 -0.00282 0.0887 0.0339
(-1.27) (0.45) (0.97) (-1.70) (-0.57) (1.10) (-0.91) (-0.01) (1.00) (0.19)
Al By 0.00566 0.00459 0.00582 0.00467 0.00543 0.00578 0.0196 0.0199 0.0189 0.0196 0.0193 0.0195
(0.40) (0.33) (0.41) (0.33) (0.39) (0.41) (1.23) (1.24) (1.17) (1.22 (1.21) (1.23)
EarnVol, -0.0564 -0.0567 -0.0549 -0.0776 -0.0593 -0.0571 -0.0300 -0.0285 -0.0394 -0.0299 -0.0292 -0.0299
(-0.44) (-0.44) (-0.43) (-0.58) (-0.46) (-0.45) (-0.14) (-0.14) (-0.18) (-0.14) (-0.14) (-0.14)
Volatility, 0.206 0.204 0.203 0.220 0.190 0.201 -0.435*** -0.435°"*" -0.432°** -0.435°** -0.425°* -0.432°°*
(1.11) (1.11) (1.09) (1.19) (1.02) (1.08) (-2.63) (-2.64) (-2.61) (-2.60) (-2.57) (-2.65)
Sizeq 0.0474* 0.0196" 0.0463* 0.0518°* 0.0497" 0.0482° -0.0167 -0.0181 -0.0172 -0.0168 -0.0181 -0.0170
(1.88) (1.95) (1.84) (2.08) (1.95) (1.90) (-0.79) (-0.86) (-0.82) (-0.77) (-0.85) (-0.80)
NegEarn, -0.0299 -0.0286 -0.0304 -0.0342 -0.0280 -0.029:4 -0.0339 -0.0343 -0.0339 -0.0339 -0.0346 -0.0340
(-1.09) (-1.04) (-1.11) (-1.22 (-1.02) (-1.07) (-1.44) (-1.45) (-1.43) (-1.44) (-1.16) (-1.44)
NegEarnG, -0.0141 -0.0146 -0.0132 -0.0154 -0.0147 -0.0142 -0.00389 -0.00369 -0.00391 -0.00389 -0.00340 -0.00382
(-1.25) (-1.29) (-1.18) (-1.37) (-1.30) (-1.26) (-0.32) (-0.30) (-0.32) (-0.32) (-0.28) (-0.31)
RO, -0.0172 -0.0170 -0.0174 -0.0156 -0.0165 -0.0166 0.0607* 0.0613* 0.0612* 0.0606* 0.0606* 0.0606*
(-0.47) (-0.47) (-0.48) (-0.43) (-0.45) (-0.46) (1.82) (1.84) (1.82) (1.76) (1.82) (1.82)
LitInd, -0.0460 -0.0583 -0.0462 -0.0161 -0.0519 -0.0475 0.0355 0.0482 0.0326 0.0355 0.0376 0.0359
(-0.54) (-0.65) (-0.54) (-0.54) (-0.60) (-0.56) (0.34) (0.47) (0.31) (0.34) (0.36) (0.34)
NumPEst, 0.00260 0.00261 0.00273 0.00248 0.00265 0.00262 0.00159 0.00156 0.00163 0.00159 0.00154 0.00158
(1.21) (1.22 (1.27) (1.17) (1.29) (1.22 (0.72) (0.71) (0.74) (0.72) (0.70) (0.72)
Dispersiong 0.000848 0.00268 0.000618 0.002041 0.00381 0.00156 -0.449%"" -0.451"** -0.449*"* -0,449"*" -0.150*"* -0.-1:49°*"
(0.02) (0.05) (0.01) (0.01) (0.08) (0.03) (-2.93) (-2.95) (-2.93) (-2.94) (-2.95) (-2.04)
Lead, .0.0000134 -0.0000137 -0.0000128 -0.0000133 -0.0000135 -0.0000133 0.0000276 0.0000257 0.0000252 0.0000276  0.0000283  0.0000274
(-0.61) (-0.62) (-0.58) (-0.60) (-0.61) (-0.60) (0.30) (0.28) (0.28) (0.30) (0.31) (0.30)
Constant -0.341° -0.328* -0.355" -0.381°* -0.335° -0.310° 0.176 0.160 0.238 0.176 0.172 0.173
(-1.85) (-1.79) (-1.88) (-2.08) (-1.82) (-1.84) (1.09) (1.00) (1.34) (1.03) (1.07) (1.09)
N 20569 20569 20548 20569 20569 20569 23353 23353 23321 23353 23353 23353
Adj. R? 0.434 0.434 0.435 0.434 0.434 0.434 0.118 0.418 0.418 0.418 0.418 0.418

p<Jl " p< L "7 p<.UI
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Table 16: Forecast Error Absolute Value Multi-segment

The following table presents results from an ordinary least squares regression of the management forecast error on the
multi-segment indicator (Mlti) and other control variables for the period 1994 2008. Other variables are described
in A. Data for management forecasts are derived from the FirstCall Company Issued Guidance database. The super-
column heading indicates the periodicity of the forecasts and cach column heading indicates the proprictary cost
measure PC used in each model. All niodels include firm fixed effects. Standard ervors arc clustered by firm with
t-statistics in parentheses.

Amnmual Forecasts

HI PMargin RD Hlwtd MShareSeg
Multiy 0.0610 0.0395 0.057} 0.0568 0.0600 0.0643
(0.68) (0.67) (0.65) (0.63) (0.67) (0.72)
PC. 0.345 -0.582°* -3.072%** 0.383* 0.338°
(1.40) (-3.77) (-3.71) (1.77) (1.75)
Al By -0.372*** -0.369"** -0.335°°* -0.309"** -0.365°°" -0.373°
(~5.34) (+5.29) (-1.81) (-1.25) (-5.25) (-3.35)
EarnVol, 0.0179 0.0511 0.284 0.202 0.0485 0.0:136
(0.06) (0.18) (0.97) (0.57) (0.16) (0.14)
Volatility, 3.764%=* 3.823*°" 3.403°°* 3.866""° 3.836*** 3.814°°°
(4.83) (4.91) (4.41) (4.96) (1.91) (4.88)
Sizee -0.0877* -0.0916°° -0.114%°* -0.104°°" -0.0899°° -0.0982°°
(-2.14) (-2.23) (-2.81) (-2.59) (-2.21) (-2.39)
NegEarn, 1.255°°* 1.257°** 1.272%°° 1.340°°" 1.263°°° 1.260°**
(7.01) (7.02) (7.11) {7.46) (7.04) (7.03)
NegEarnG, 0.182*** 0.179°°° 0.180°°* 0.189°°* 0.184°°° 0.183°°°
(3.23) (3.20) {3.21) (3.38) (3.27) (3.27)
ROE, -1.213°°*° -1.219°"° -1.218*** -1.289°** -1.215%°° -1.215%*°
(-1.22 (-1.23) («1.21) (-1.38) (-1.21) (~1.22
Litind, -0.0851 -0.0601 -0.0589 -0.00185 -0.0676 -0.070:1
(-0.87) (-0.60) (-0.60) (-0.02) (-0.69) (-0.71)
NumEst, -0.0205° -0.019:4*° -0.0173* -0.0175°* -0.0196°** -0.0192°*
(-2.34) (-2.20) (-1.99) (+2.03) (-2.25) (-2.20)
Dispersion, 3.358° 3.352°* 3.272%"° 3.480°** 3.353°° 3.365°°
(5.19) (5.15) (:1.98) (5.37) (5.16) (5.17)
Lead, 0.00332°**  0.00332°°>  0.00335°°*  0.00331***  0.00332°*°  0.00332"""
(15.55) (15.61) (15.935) (15.12) (15.59) (15.59)
Constant 1.206°°* 1,231 1.781°° 1375 1.220°"° 1.310°°*°
(4.32) (1.01) (5.71) (1.64) (3.99) (4.37)
sigma Constant  2.248°°° 2.248°°* 2.241*%** 2,243°** 2.248°°" 2.248°°°
(35.34) (35.31) (35.17) (35.27) (35.35) (35.30)
N 19461 19461 19111 19461 19461 19461

Tp <0, T p <05, T p < UT



Table 17: Forecast Error Absolute Value Industry Adjusted

7l

The following table presents results from an ordinary least squares regression of the absolute value of the management
forecast error on the multi-segment indicator (Afulti) and other control variables for the period 1994-2008. Other
variables are described in A. Data (or management forecasts are derived from the FirstCall Company Issued Guidance
database. The super-column heading indicates the periodicity of the forecasts and cach column heading indicates the
proprictary cost measure PC used in cach model. Alt tnodels include firm fixed effects. Standard errors are clustered
by finn with ¢-statistics in parentheses.

Annual Forecasts

HI PMargin RD Hiwtd MShareScg
Mlti 0.347°° 0.345°° 0.3:45°° 0.347<° 0.343°* 0.352°*
(2.21) (2.19) (2.21) (2.22 (2.19) (2.29)
PC, 0.743 -0.468 -0.0237 0.465 0.315
(1.21) (-0.64) (-0.01) (0.85) (0.64)
Al By -0.588" " -0.582*"* -0.580""" -0.588°"* -0.588=** =0.589°*
(-5.22) (-5.21) (-5.16) (-5.21) (-5.22 (-5.22
EarnVoly 0.732 0.735 0.716 0.733 0.743 0.736
(0.88) (0.89) (0.88) (0.90) (0.90) (0.89)
Volatility, -1.007°°° -4.001*°* -3.898°°" -1.007°>° -3.946"* -3.974°°*
(-4.09) (-4.04) (-3.95) (-4.04) (-3.99) (-4.02)
Sizey -0.706"** -0.721°°" -0.692*** -0.707*"* -0.716** -0.7117°~
(-6.44) (-6.37) (-6.42) (-6.40) (-6.44) (-6.39)
NegEarn 0.890°°" 0.882°=" 0.864="° 0.890" " 0.882°= 0.887°"*
(4.90) (-1.88) (4.88) (4.92) (4.88) (4.89)
NegEarnG:  0.0292 0.0322 0.0402 0.0293 0.0315 0.0296
(0.56) (0.63) (0.78) (0.56) (0.61) (0.57)
ROE, -1.011°°* -1.011°"* -1.009°°* -1.0117"" -1.014°"* -1.011°°*
(-2.88) (-2.88) (-2.88) (-2.88) (-2.89) (-2.89)
Litind, 1.306* 1.387° 1.309° 1.306° 1.330° 1.315°
(1.65) (1.73) (1.65) (1.65) (1.68) (1.66)
NumPEst, -0.0187" -0.0188° -0.0214°° -0.0187" -0.0189 -0.0188*
(-1.89) (-1.90) (-2.23) (-1.88) (-1.90) (-1.89)
Dispersione  0.516 0.506 0.522 0.516 0.505 0.512
(1.50) (1.47) (1.52) (1.50) (1.47) (1.48)
Lead, 0.000:4455™*=  0.000456°**  0.000447°~*  0.000455°**  0.000455***  0.000154°***
(5.27) (5.28) (5.28) (5.26) (5.27) (5.25)
Constant 5.806** 5.733°°° 5.984°** 5.808°°* 5.787°"" 5.800°"°
(6.70) (6.63) (6.24) (6.62) (6.68) (6.70)
N 19968 19968 19948 19968 19968 19968
Adj. R? 0.558 0.559 0.563 0.558 0.558 0.558

Pp<.0, T p< 85, T p< .0l
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Figure 1: Percentage ol Firms Providing a Forccast

This figure presents the percentage of firms from cach corporate form category that provide a forecast within a given fiscal year.
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Figure 2: Forecast Specificity over Time
This figure presents the specificity of the forecasts by vear according to four categories: point. range. open-end. and qualitative.
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Figure 3: Disclosure Measures over Time
This figure preseuts the yearly averages for the forecasts used in the sample. Error is calculated as the forecasted midpoint of earnings per share
minus the actual earnings per share, normalized by the most recent quarter stock price. Lead is the number of days from the forecasted earnings per
share date until the actual carnings per share date. The letters appended to Error and Lead indicate the type of forecast: ~A™ for annual and Q"
for quarterly.
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Figure 1: Characteristics of Forecasts by Corporate Form
This figure presents the yearly averages for the forecasts used in the sample by corporate form. In the legend a subseript of “f™ or ~d” indicates
whether the values are for focused firms or diversified firms. respectively. Lead is 1the number of days from the forecasted carnings per share date until
the actual carnings per share date. Spec is an number from one to four indicating the specificity of the forecast. Error is calculated as the forecasted
midpoint. of carnings per share minus the actual carnings per share. normalized by the most recent quarter stock price.
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